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EXECUTIVE SUMMARY 

In the spring 2012–2013 school year, 

Pinellas County Schools (PCS) and 

Learning Sciences International (LSI) 

received Florida Department of Education 

approval for a research project to develop a 

teacher effectiveness system that would 

help teachers grow professionally. The new 

system would revitalize the evaluation 

system, diagnosing teacher pedagogical 

strengths and areas for growth, providing 

targeted support for individual professional 

skill development, and offering a 

foundation in research-based classroom 

strategies to improve teacher practice. The 

projected outcome of the pilot was to 

increase student achievement as teachers 

improved their pedagogy through 

immersion in, and practice with, the 

Marzano Teacher Evaluation Model 

(MTEM).  

 

One innovation of the pilot was to employ 

short-duration student growth metrics for 

teacher evaluation. In contrast to evaluation 

measures that scored teacher practice long 

after students had left the classroom (in 

effect, generating scores when it was too 

late for teachers to make adjustments), the 

idea was to improve teacher practice within 

a single year while students were still in the 

classroom. 

 

LSI and PCS partnered to create multiple 

measures of teacher effectiveness that 

teachers could use to improve their 

instructional practice throughout the year. 
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These multiple metrics included teacher 

self-assessment, principal observation 

scores, student perception surveys, and a 

short-duration value-added measure (VAM) 

based at the unit level. The pilot had several 

goals: 

 To provide a student growth score for 

all teachers and subjects calculated on 

teachers’ actual students.  

 To develop multiple measures 

revealing specific strengths and growth 

areas to help teachers improve their 

instructional practices within a school 

year with their current students. 

 To provide data that would empower 

teachers to be in control of their own 

professional development to positively 

impact student achievement with the 

same students in the same school year. 

 To remain in compliance with Florida 

state law. 

 

The pilot had two additional, overarching 

aims: first, to create the diagnostic measures 

of teacher effectiveness, and second, to 

document and empirically test whether the 

professional development and coaching 

received by teachers and leaders throughout 

the year on the MTEM increased student 

achievement by the end of the year. The 

MTEM includes a 5-point performance 

scale used to assess levels of 

implementation of 41 research-based 

strategies or elements. The performance 

scales provide a developmental continuum 

for teachers on five levels of proficiency: 

Not Using (0), Beginning (1), Developing 

(2), Applying (3), and Innovating (4). 

 

Data was analyzed several times throughout 

the year to document the process of the 

program’s implementation. In addition, 

several process evaluation findings were 

gleaned throughout the study, including the 

following: 

 Teacher Self-Assessment 

– On average, the teachers scored 

themselves at the Developing level, 

which appears to be accurate 

considering that this was the first 

implementation year for the MTEM 

in this area. 

 Observations 

– From September 18, 2013, through 

June 25, 2014, a total of 1,415 

observations were conducted with 

291 teachers in pilot schools. 

– Most teachers had five observations 

throughout the pilot, which provided 

the intended amount of feedback 

sought for teachers. 

– The percentage of Innovating scores 

increased over time, whereas the 

percentage of Developing scores 

decreased, which indicated an 

improvement in teacher pedagogy. 

 Student Perception Survey  

– Toward the end of the year, 

Celebrating Success was the highest-

scored element (3.35) and Tracking 
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Student Progress was the lowest-

scored element (2.54). 

– Students at treatment schools scored 

teachers significantly higher on the 

performance of 14 research-based 

strategies during the second semester 

as compared to the first, indicating 

improvement in teacher pedagogy. 

 Multiple Metric Correlations 

– At the student level, small 

correlations were found between the 

unit VAM, student surveys, and state 

VAM. The magnitude of significant 

correlations ranged from .07 to .17. 

– At the teacher level, small to 

moderate correlations were found 

between the evaluative unit VAM, 

observation scores, student surveys, 

and state VAM metrics. The 

magnitude of significant correlations 

ranged from .135 to .331. 

– At the teacher level, small 

correlations were found between the 

second-semester student survey, 

observation scores, and state VAM 

metrics. The magnitude of 

significant correlations ranged from 

.206 to .288. 

– At the teacher level, small to large 

correlations were found between the 

observation scores and state VAM 

scores. The magnitude of significant 

correlations ranged from .239 to 

.532. 

To measure program effects, an outcome 

evaluation was conducted to assess 

whether the program had increased 

student achievement by the end of the 

school year. Five treatment schools and 

five statistically matched control schools 

were included in the study sample. Only 

the treatment schools received the 

training, coaching, and diagnostic 

measures of effectiveness, whereas both 

groups administered unit assessments 

and student surveys. The outcome 

evaluation used several different 

methods to assess program outcomes, 

including independent sample t-tests, 

ordinary least squares regression, and 

hierarchical linear modeling. Major 

findings included the following:  

 Out of the 26 assessments that had 

a control group match, 21 showed 

positive and significant growth for 

students at treatment schools (p < 

.10). Consequently, favorable and 

significant results were shown for 

treatments students in 81% of 

administered assessments. 

 Independent sample t-tests showed 

that students who attended 

treatment schools had significantly 

increased growth scores (.32 

standard deviations above 

prediction) compared to students at 

control schools, accounting for 

student characteristics. The overall 

effect size for this finding was small 
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(.35), calculated using Hedges’ g 

formula. 

 Fixed effects models showed similar 

results: students who attended 

treatment schools had significantly 

increased growth scores (.37 to .39 

standard deviations above 

prediction) compared to students at 

control schools, which accounted 

for both individual and school 

characteristics.  

 

In addition to the process and outcome 

evaluations, a teacher satisfaction survey 

was conducted at the treatment schools 

toward the end of the project. The 

following provides an overview of findings 

from the survey results:  

 Approximately 65% of teachers 

strongly agreed or agreed that coaching 

and support helped to increase their 

use of instructional strategies in the 

classroom. 

 Approximately 81% of teachers felt 

that observation data was helpful or 

very helpful, followed by teacher self-

assessment data (77% helpful or very 

helpful), student growth data (71% 

helpful or very helpful), and student 

survey data (67% helpful or very 

helpful). 

 Approximately 43% of participants 

strongly agreed or agreed that the pilot 

was more equitable than the State 

system, whereas 35% were not sure 

(most likely because they had not 

received their final evaluation score at 

the time of the survey) and 22% 

strongly disagreed or disagreed with 

the statement. 

 

Results from the first year of the pilot were 

very encouraging, and the district decided to 

expand the pilot to include 21 schools for 

the 2014–2015 school year. In addition, the 

expansion will include a more in-depth look 

at how teachers can use and incorporate 

classroom data in their instructional 

practice, ultimately helping teachers use 

formative data to increase student 

achievement. The partnership between LSI 

and PCS helped to create a teacher 

effectiveness system in Pinellas County that 

was diagnostic in nature and used to assist 

in teachers’ professional growth. The 

outcome of the pilot showed increased 

student achievement resulting from 

formative feedback given to teachers in 

addition to supplemental training and 

coaching on the MTEM. PCS underwent a 

massive structural change in the way in 

which they evaluate teachers. PCS has 

further begun to change the underlying 

culture around teacher evaluation to include 

a more formative and fair teacher 

effectiveness system.  
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INTRODUCTION 

In the spring 2012–2013 school year, 

Pinellas County Schools (PCS) and 

Learning Sciences International (LSI) 

received Florida Department of Education 

approval for a research project to develop a 

teacher effectiveness system that would 

help teachers grow professionally. The new 

system would revitalize the evaluation 

system, diagnosing teacher pedagogical 

strengths and areas for growth, providing 

targeted support for individual professional 

skill development, and offering a 

foundation in research-based classroom 

strategies to improve teacher practice. The 

projected outcome of the pilot was to 

increase student achievement as teachers 

improved their pedagogy through 

immersion in, and practice with, the 

Marzano Teacher Evaluation Model 

(MTEM).  

 

One innovation of the pilot was to employ 

short-duration student growth metrics for 

teacher evaluation. In contrast to evaluation 

measures that scored teacher practice long 

after students had left the classroom (in 

effect, generating scores when it was too 

late for teachers to make adjustments), the 

idea was to improve teacher practice within 

a single year while students were still in the 

classroom. 

 

LSI and PCS partnered to create multiple 

measures of teacher effectiveness that 

teachers could use to improve their 
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instructional practice throughout the year. 

These multiple metrics included teacher 

self-assessment, principal observation 

scores, student perception surveys, and a 

short-duration value-added measure (VAM) 

based at the unit level. The pilot had several 

goals: 

 To provide a student growth score for 

all teachers and subjects calculated on 

teachers’ actual students.  

 To develop multiple measures 

revealing specific strengths and growth 

areas to help teachers improve their 

instructional practices within a school 

year with their current students. 

 To provide data that would empower 

teachers to be in control of their own 

professional development to positively 

impact student achievement with the 

same students in the same school year. 

 To remain in compliance with Florida 

state law. 

 

The pilot had two additional, overarching 

aims: first, to create the diagnostic measures 

of teacher effectiveness, and second, to 

document and empirically test whether the 

professional development and coaching 

received by teachers and leaders throughout 

the year on the MTEM increased student 

achievement by the end of the year. The 

MTEM includes a 5-point performance 

scale used to assess levels of 

implementation of 41 research-based 

strategies or elements. The performance 

scales provide a developmental continuum 

for teachers on five levels of proficiency: 

Not Using (0), Beginning (1), Developing 

(2), Applying (3), and Innovating (4). 

 

To be included, schools had to have a 

majority of teachers vote to participate in 

the pilot. The pilot was also supported by 

the school board and the teacher union. It 

contained a comprehensive professional 

development component that took place 

over the summer, which included focused 

coaching sessions for principals, teacher 

support throughout the school year, a 

deliberate practice plan, and student growth 

measures on teachers’ actual students. 

Leaders were trained in how to provide 

feedback and guide teachers in using 

multiple metrics to improve their 

instruction within the year of evaluation. 

The main intent of the pilot was to create a 

system that informed teacher practice, 

including meaningful measures of student 

growth for all courses while meeting the 

statutory requirements of the state.  

 

The research study included a process 

evaluation to assess program outcomes 

throughout the year and an outcome 

evaluation to assess whether the program 

had an effect on student achievement. For 

the process evaluation, data was analyzed 

several times throughout the year to 

document the process of the program’s 

implementation. The process evaluation 
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results include a detailed analysis of all 

metrics used in the study, including teacher 

self-assessment scores, observation data, 

student survey data, unit VAMs, and 

multiple measure correlations.  

 

To assess program effects, an outcome 

evaluation was conducted to assess whether 

the program had the intended effects of 

increasing student achievement. In total, 

five treatment schools and five statistically 

matched control schools were included in 

the study. Only the treatment schools 

received the training, coaching, and 

diagnostic measures of effectiveness. The 

outcome evaluation used several different 

methods to assess program outcomes, 

including independent sample t-tests, 

ordinary least squares regression, and 

hierarchical linear modeling.  

 

Last, a teacher satisfaction survey was 

conducted at the treatment schools to 

assess overall satisfaction in the training, 

coaching, and formative use of metrics. The 

survey was implemented to gauge how 

teachers felt about the training, the metrics, 

and using the student growth metric as a 

part of their final evaluation score. Teachers 

were able to use the higher growth score in 

their end-of-the-year evaluation score for 

participating in the pilot, either the unit 

VAM or the state VAM.  

 

This report contains a comprehensive 

description of all pilot activities and 

includes the theoretical background of the 

Marzano Hierarchical Evaluation System, 

the research design for the pilot, process 

evaluation results, outcome evaluation 

results, study limitations, and the 

conclusion and expansion of the project.  
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THEORETICAL BACKGROUND 

The Marzano Teacher Evaluation Model 

(MTEM) and the Marzano School Leader 

Evaluation Model (MSLEM) were the 

primary models implemented in the Pinellas 

County Schools (PCS) Multiple Measures 

Pilot during the first year. The MTEM is a 

State of Florida–approved model for 

teacher evaluation and is aligned with 

Florida Educator Accomplished Practices 

of the Florida Department of Education. 

 

Teachers were trained in the MTEM, 

whereas principals and leaders were trained 

in both models. The theoretical background 

of each model will be outlined briefly to 

offer a complete understanding of the 

concepts.  

 

The MTEM and MSLEM incorporate 

principles of effective teaching that can lead 

to increased student achievement when 

implemented with fidelity. Professional 

development training programs focus on 

the research-based strategies and elements 

within these models. In addition, the 

models focus on increasing the use of 

specific instructional and leadership 

strategies that theoretically lead to increases 

in student achievement.  

 

Marzano developed both models based on 

meta-analyses of decades of educational 

research (Marzano, 2007; Marzano, Waters, 

and McNulty, 2005). The analyses identified 

instructional and leadership qualities leading 

to increased student achievement. Both the 

teacher and leader evaluation models may 
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be used as part of an aligned hierarchical 

evaluation system, which is detailed in 

Figure 1.  

 

 

Figure 1 shows the Marzano Hierarchical 

Evaluation System, which includes District 

Leader Evaluation and Non-Classroom 

Instructional Support models. Although 

these latter two models were not the focus 

of the PCS pilot, PCS incorporated them 

later in the year to implement an aligned 

hierarchal evaluation system. The four 

models are briefly described next.  

 

Marzano District Leader Evaluation Model 

The Marzano District Leader Evaluation 

Model (MDLEM) was developed based on 

extensive research and collaboration 

between Learning Sciences International 

educational experts and Robert Marzano. 

The model builds on three decades of 

research into the relationship among 

administrator behaviors, teacher efficacy, 

and student achievement. The MSLEM is 

the capstone of the Marzano Hierarchical 

Evaluation Model. It was developed to 

measure and grow district leaders, school 

leaders, teachers, and instructional support 

personnel. 

 

A great deal of research has examined how 

district leadership impacts school 

performance (Cawelti and Protheroe, 2001; 

Corcoran, Fuhrman, and Belcher, 2001; 

Hightower, 2002; Hightower, Knapp, 

Marsh, and McLaughlin, 2002; Marsh, 2002; 

Massell and Goertz, 2002; McLaughlin and 

Talbert, 2002; Snipes, Dolittle, and Herlihy, 

2002; Snyder, 2002; Togneri and Anderson, 

2003).  

 

In meta-analyses of 27 studies reported 

between 1970 and 2003, Marzano and 

Waters (2009) concluded that district 

leadership has a measurable and definable 

relationship with student achievement. 

They found that when district leaders carry 

out leadership responsibilities effectively, 

student achievement across the district is 

positively affected. Table 1 illustrates those 

effects. 

 

 

 

 

 

 

District Leader 
Evaluation

Teacher 
Evaluation

Non-Classroom 
Instructional 

Support Model

Student 
Achievement

School Leader 
Evaulation

Figure 1. Marzano Hierarchical Evaluation 
Model 
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Table 1. Leadership and Student  
Achievement Findings  

District 
Leader 

School 
Leader Teacher 

Predicted 
Gain for 

50th-
Percentile 
Student 

(%) 

Average 
(50th 
Percentile) 

Average 
(50th 

Percentile) 

Average 
(50th 

Percentile) 
0 

Superior 
(84th 
Percentile) 

Superior 
(84th 

Percentile) 

Average 
(50th 

Percentile) 
9 

Excellent 
(98th 
Percentile) 

Excellent 
(98th 

Percentile) 

Average 
(50th 

Percentile) 
17 

 

The MDLEM focuses on the non-

negotiable goal of student achievement and 

encourages district leaders to deliberately 

undertake actions that support school 

leaders and drive learning. The MDLEM 

includes six domains, five of which 

correspond to domains in the MSLEM (see 

Appendix A). When used together, the two 

models achieve Weick’s “tightly coupled” 

organizational structure with an emphasis 

on measurable student achievement as 

supported by data. 

 

Marzano School Leader Evaluation Model 

Although teachers arguably are the most 

powerful variable in student achievement, 

research shows that they certainly are not 

the only variable. School leaders have a 

greater effect on student achievement than 

district leaders primarily because they are 

closer to teachers and classrooms. School 

leaders have significant impact on student 

achievement if they are managing learning, 

not buildings.  

 

“This view of the principalship—that it 

should center on instruction, not building 

management or other administrative 

matters—is one that has gained currency in 

recent years,” notes Pamela Mendels (2012) 

in The Effective Principal. “So has the idea that 

if instruction is the heart of their job, 

principals have a vital role to play in school 

improvement” (p. 54). Effective school 

leaders support teachers with meaningful 

feedback and goals geared toward student 

achievement. School leaders must lead 

toward improved student achievement; to 

do so, leaders need a deep understanding of 

instruction. School leaders must function as 

instructional leaders capable of helping 

teachers develop their instructional skills.  

 

Like the MDLEM, the MSLEM is built on 

a foundation of evidence and criteria; each 

element has clearly defined evidence of the 

desired effect of student learning, and each 

outcome is rated on the extent to which the 

desired effect was achieved (see Appendix 

B). As with the district model, all actions 

and decisions are based on best practices to 

improve student learning. The MSLEM is 

based on four primary documents related to 

school leadership: (1) the Wallace study 

(Louis, Leithwood, Wahlstrom, and 

Anderson, 2010); (2) What Works in 

Oklahoma Schools (Marzano Research 

Laboratory, 2010a); (3) the meta-analysis of 

school leadership (Marzano et al., 2005; and 
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(4) the Marzano (2003) study of school 

effectiveness.  

 

These studies helped to define each of the 

24 elements in the five domains of the 

MSLEM (Carbaugh, Marzano, and Toth, 

2013). Overall, the goal of the MSLEM is to 

provide clear, objective measurement of 

whether a leader is, or is not, achieving a 

standard. The combination of a clearly 

defined goal, a precise scale, and a detailed 

description of a desired effect creates an 

approach that not only measures but also 

diagnoses misalignment in the system. 

When the goal is to support the teacher in 

support of the student, it follows that 

leaders are responsible for providing 

professional development for specific 

purposes to achieve desired student 

outcomes—not for mere compliance. 

Leaders must support teachers by aligning 

resources, curriculum, and professional 

development to state standards, state 

assessments, and other high-stakes 

assessments required by the district or state. 

MSLEM elements are based on achieving 

measurable desired outcomes, with all 

elements geared toward supporting student 

achievement. As with the MDLEM, the 

MSLEM is optimized for alignment with 

the MTEM. 

 

Marzano Teacher Evaluation Model 

Teacher development should be founded 

on improving skills shown to impact 

student achievement. Marzano (2007) 

found that teachers can improve their 

pedagogical expertise by focusing on and 

deliberately practicing specific instructional 

strategies that have been connected to 

student learning gains in working 

classrooms. The MTEM incorporates 

research-based strategies linked to raising 

student achievement when teachers use the 

strategies at the right level of 

implementation (see Appendix C). For 

more on the research base of the model and 

the results of in-classroom studies, see the 

work of Marzano, Schooling, and Toth 

(2012).  

 

The MTEM provides not only a collection 

of 41 elements of teaching strategies but 

also a system to continuously improve 

specific skills over time. Thus, the model is 

designed to measure teacher skill at a 

discrete point in time and provide the 

feedback, resources, and coaching necessary 

to improve teacher skill year by year over 

the course of a professional career.  

 

Like the two models discussed previously, 

the assumption is that teachers will 

demonstrate expertise in the strategies and 

behaviors identified in the model’s 

domains. Growth expectations are explicit 

in the feedback that teachers receive from 

school leaders and in their evaluations. 

Feedback is specific and development plans 

are concrete, allowing teachers to focus on 
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the skills they most need to improve. Thus, 

the four domains of the MTEM work to 

support each other with a strong focus on 

Domain 1 (Classroom Strategies and 

Behaviors). The 41 elements in Domain 1 

constitute those classroom behaviors that 

have been shown to have a positive effect 

on student achievement. These strategies 

constitute a map to guide new teachers and 

refresh the practices of veterans.  

 

The MTEM is designed to give teachers and 

administrators specific instructional tools to 

organize their pedagogical goals and attain 

mastery. The model makes steady and 

measurable increases in student 

achievement an achievable goal. It also 

brings extreme granularity to the 

measurement of teacher growth and 

continuous improvement, and it does so at 

consistent intervals throughout the school 

year. Ultimately, this brings the evaluation 

process much closer to the classroom. 

District leadership, school leadership, and 

teacher and staff actions and behaviors are 

all working parts in a complex system of 

interacting influences that positively impact 

student achievement—if they function in 

harmony. If initiatives and goals are 

misaligned among these levels, the 

dynamics ultimately work against student 

growth. Even if individual initiatives within 

schools, districts, and classrooms are well 

executed, they tend to cancel each other out 

in a misaligned system.  

 

Marzano Non-Classroom Instructional 

Support Model 

The Marzano Non-Classroom Instructional 

Support Model (MNCISM) is aligned with 

the Marzano teacher, school leader, and 

district leader evaluation models (see 

Appendix D). Although the MNCISM can 

be used independently, it was developed to 

be used in conjunction with comprehensive 

instructional models based on The Art and 

Science of Teaching (Marzano, 2007).  

 

The model is an evaluation framework for 

those whose primary job is not day-to-day 

instruction of students. Instructional 

support personnel typically provide 

appropriate support to students, schools, 

and districts in a non-classroom setting; 

positions may include both instructional 

support personnel, such as educational 

specialists, media specialists, and coaches, 

and student services personnel, such as 

school psychologists and counselors. The 

categories of support personnel being 

evaluated through the use of this model are 

chosen on a district-wide level.  

 

Taken together, the four Marzano 

evaluation models offer a comprehensive 

growth system that addresses the complex 

challenges faced by each stakeholder, from 

the district meeting room, to the classroom, 

to the guidance counselor’s office. In this 

aligned hierarchical system, common 
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formative scales drive self-assessment and 

common terms of measurement use 

common criteria. There is a commonality 

across all frameworks: a shared progression, 

a shared language, shared standards, shared 

scales, and—most importantly—the shared 

goal of student achievement.  

 

Coherence between policies, programs, and 

practices linked to district goals is one of the 

primary characteristics of improved 

districts. In such improved districts, “All 

district systems are explicitly included in 

reinforcing common goals and efforts to 

attain those goals” (Shannon and Bylsma, 

2004). The aligned Marzano models place 

an increased focus on professional 

development to support understanding of 

the common language of instruction; they 

also align professional development with 

growth needs. The Marzano frameworks 

provide district leaders, principals, and 

administrators with the necessary strategies 

and tools to empower their teachers so that 

leaders, teachers, and staff can focus 

together on one non-negotiable objective: 

improving student learning. 
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RESEARCH DESIGN 

The main objective of the pilot was to use 

teacher evaluation as a form of intervention, 

providing diagnostic data that would allow 

teachers to change their instructional 

strategies and ultimately improve student 

growth. To achieve this aim, a unit-level 

approach was taken. A well-constructed 

standards-based unit of instruction contains 

all of the basic elements of teaching 

required over a full course. Although several 

units can cover a course, within each unit 

there are clusters of lessons, formative 

checks of students, and a summative unit 

test. A well-defined unit is imperative to 

track student progress to standards. 

Moreover, teacher effectiveness at the unit 

level will likely track along with teacher 

effectiveness at the course level. 

 

When teachers see their own specific 

pedagogical strengths and weaknesses 

within and after a unit of instruction, they 

are more likely to work on those 

instructional issues while students are still in 

their classes. End-of-course exams and state 

assessments are all summative in nature. By 

and large, summative assessments only 

provide data that is utilized after students 

have completed the school year.  
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Figure 2. 2013–2014 Pilot Timeline 

Figure 2 illustrates the pilot timeline. Two 

units were selected by the district: one at the 

beginning and one at the end of the year. 

Common assessments were administered 

across courses and in both treatment and 

control schools. The challenge was to 

develop two common units and 

assessments across the district for all 

courses. Thus, although the pilot only 

assessed growth in two units of instruction; 

in theory, as the process and assessments 

are developed, the design allows for 

assessments for all units within a course.  

 

The timeline includes two common units of 

instruction. Subjects were selected so that 

each kindergarten through twelfth grade 

teacher participated in the pilot. Formal 

observations and self-assessments were 

conducted only in the treatment schools, 

whereas student surveys and assessments 

were administered throughout the 

treatment and control schools.  

 

The fall unit was non-evaluative, and the 

multiple metrics did not count toward the 

summative teacher evaluation. This allowed 

for honest growth feedback to be given to 

teachers during the first unit. For the fall 

unit, teachers received multiple metrics on 

their practice. All data metrics aligned back 

to the research-based strategies in the 

Marzano Teacher Evaluation Model 

(MTEM). Teachers engaged in their own 

professional development and received 

coaching to improve instructional practices 

to demonstrate growth in the later unit 

metrics. 

 

Between the first and second units, there 

were three informal observations that 

counted toward the teachers’ summative 

evaluations. Teachers deliberately practiced 

the use of elements and strategies in which 

they felt they needed to grow. 

 

During the spring unit, another set of 

pretest and posttest assessments were 

administered to create unit value-added 

measures (VAMs). The pretests and 

posttests were the same assessment in each 

unit. Considering that this was the first 

Pretest 1

Self-Assessment 1

Observation 1

Student Survey 1

Posttest 1 Pretest 2

Observation 2

Student Survey 2

Posttest 2

Aug-13FALL SPRING

DELIBERATE PRACTICE & 
INFORMAL OBSERVATIONS 
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implementation year, teachers used the 

higher score—either the evaluative second 

unit VAM score or the state VAM score—

for the student growth portion of their 

summative evaluation. The formal 

observation conducted in the spring also 

counted toward the teachers’ evaluations.  

 

Overall, the teachers’ annual evaluation 

involved components of student growth, 

deliberate practice, classroom observations, 

and Marzano model Domains 2, 3, and 4 

(planning, reflecting, and collegiality). 

Student surveys did not count toward 

evaluation. The same appraisal was used for 

instructional personnel with unique non-

classroom job responsibilities, calculating 

student growth only on students with 

whom they worked.  

 

Professional Development 

Teachers and school and district leaders 

involved in the pilot received focused 

professional development training with the 

intention of laying the foundation for 

effective instructional practice and focused 

classroom observations. In addition to 

sessions on the use of effective classroom 

behaviors and instructional practices, in- 

depth professional development trainings 

helped teachers plan units of instruction 

that were aligned to standards, student 

performance scales, and assessments. The 

goal of the comprehensive professional 

development plan was to increase teacher 

expertise on the research-based strategies to 

increase student growth toward the mastery 

of state standards.  

 

A couple of key concepts of the MTEM 

should be noted. As discussed previously, 

the MTEM uses a 5-point performance 

scale to help leaders move teachers through 

implementation levels to obtain the desired 

effect with students. The desired effect is 

the intended student outcome of a specific 

pedagogical strategy. The MTEM includes 

41 classroom strategies, but observers are 

trained to score only the dominant elements 

seen in the classroom, and teachers, in turn, 

are not expected to use all 41 elements 

during a single lesson. During observations, 

teachers are scored on the 5-point scale only 

on the strategies observed. The scores are 

based on five levels of implementation, 

which include the following: 

 Not Using (0): Teachers are unaware that 

the strategy is called for and it is not 

used. 

 Beginning (1): Teachers use the strategy 

incorrectly or parts of it are missing. 

 Developing (2): All constructs in the 

strategy are evident; however, teachers 

are more focused on teaching rather 

than obtaining the desired effect for all 

students.  

 Applying (3): All constructs in the 

element are evident, and teachers are 

monitoring for the desired effect of the 

strategy with the majority of students.  

 Innovating (4): All constructs in the 

element are evident, and teachers are 
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obtaining the desired effect of the 

strategy with all students. Teachers have 

also made adaptations for special needs 

or subgroups of students. 

 

The next section includes a brief description 

of the professional development provided 

to teachers and leaders in the treatment 

schools and the continued coaching 

implemented throughout the year. 

 

Training for Teachers  

During summer 2013, teachers completed a 

7-day training schedule for the MTEM that 

included the following instruction: 

1. Domain 1: Framework (6 hours) 

2. Domain 1: Protocol and Feedback  

(6 hours) 

3. Domains 2–4 and Creating Units of 

Instruction (6 hours) 

4. Introductory Unit Planning 

Workout Session (6 hours) 

5. Unit Planning (18 hours) 

 

Table 2 shows the percentage of teachers 

who attended each training session. In total, 

there were 332 attendees. Note that ES 

stands for elementary school, and the 

schools are numbered from one to three 

(numbers will remain consistent throughout 

the report); MS and HS refer to the middle 

and high schools included in the pilot. In 

most cases, higher percentages of teachers 

attended those days that involved training in 

the MTEM. Only about half the teachers 

attended the unit planning day. To remedy 

this, the district scheduled additional 

trainings to help teachers plan and create 

the units of instruction during the school 

year. 

 

 

 

 

 

 

Table 2. Percentage of Trainings Attended by Teachers  

  All 
Trainees 
(N = 332) 

ES 1  
(N = 47) 

ES 2  
(N = 59) 

ES 3  
(N = 47) 

MS  
(N = 81) 

HS  
(N = 98) 

  # % # % # % # % # % # % 

Framework 203 61 28 60 24 41 37 79 50 62 58 59 

Protocol 231 70 26 55 25 42 36 77 54 67 82 84 

Domains 2–4 242 73 25 53 27 46 35 74 58 72 89 91 

Intro to Unit Planning 194 58 22 47 24 41 33 70 51 63 59 60 

Unit Planning: Day 1 161 48 13 28 11 19 9 19 52 64 69 70 

Unit Planning: Day 2 154 46 12 26 12 20 10 21 50 62 65 66 

Unit Planning: Day 3 160 48 11 23 11 19 11 23 54 67 68 69 
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Training for Administrators  

Principals and administrators were also 

given MTEM training to strengthen their 

classroom observation and feedback skills. 

During summer 2013, leaders completed 

the following 8-day training schedule:  

1. Domain 1: Framework (6 hours) 

2. Domain 1: Protocol and Feedback  

(6 hours) 

3. Domain 1: Inter-rater Reliability and 

Scoring (6 hours) 

4. Domain 1: Inter-rater Reliability and 

Feedback  

(6 hours)  

5. Domains 2–4 and Creating Units of 

Instruction (18 hours) 

6. iObservation Technology Training  

(6 hours) 

 

Table 3 shows the percentage of training 

days attended by school leaders. There were 

a total of 15 school leaders across the five 

treatment schools. Each row represents a 

school leader. The attendance column 

refers to the percentage of the number of 

days the leader attended out of the total 

number of days offered. At least one 

principal or assistant principal attended all 

of the 8-day sessions from each of the pilot 

schools.  

 

 

 

 

 

 

 

Table 3. Percentage of Trainings Attended by 
School Leaders 

# 
School 

Leaders 
Attendance 

(%) 

1 ES 1 0 

2 ES 1 100 

3 ES 2 100 

4 ES 2 100 

5 ES 3 50 

6 ES 3 100 

7 MS 100 

8 MS 100 

9 MS 100 

10 MS 88 

11 HS 0 

12 HS 100 

13 HS 100 

14 HS 100 

15 HS 0 

 

Continued Coaching and Support  

After completion of the training programs, 

training support and coaching continued 

throughout the year on a monthly basis. 

Support was sustained by teacher leaders or 

those who embraced the MTEM. Onsite 

support was built into the model for 

teachers as they continued to build new 

lessons, deliberately plan for standards-

based instruction, review their student 

pretest and posttest assessment results, and 

reflect on student data.  

 

Onsite support for school leaders also 

included side-by-side coaching as the school 

leader conducted formal and informal 

classroom observations and reviewed 

available data. Finally, the district leader and 

principal observers received monthly onsite 

consultation including status updates on 

observations, self-assessments, student 

surveys, and student growth data as it 
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became available. Additionally, the district 

leader participated in a professional 

development day related to observing and 

scoring elements on the MTEM. 

 

Development of Common Assessments  

Pinellas County Public Schools’ criteria for 

teacher effectiveness included creating 

rigorous assessments designed to measure 

the mastery of standards. The MTEM was 

used as a guide to develop a system that 

focuses on setting learning goals, tracking 

student progress toward those goals, and 

helping teachers and students identify the 

next steps they might take to attain those 

goals. Central to the MTEM is the concept 

of learning progressions, and progressions 

provide the structure for identifying levels 

of progress toward learning goals.  

 

District curriculum experts determined the 

scope and sequence of the essential 

standards and identified the two overall 

units that were used for diagnostic and 

evaluative purposes. Writing assessment 

questions aligned to standards and the 

progression of learning was also a part of 

the summer training that teachers received 

from the district. 

 

Creation of assessments was coordinated at 

the district level by the Department of 

Assessment, Accountability, and Research. 

To participate in writing the common 

assessments, teachers were required to 

attend an additional training on assessment 

writing. The training taught participants 

how to write assessment questions aligned 

to state standards, and to ensure that 

assessments incorporated multiple levels of 

taxonomy. Participants were asked to sign 

confidentiality agreements, as these tests 

would ultimately be used to develop metrics 

for teacher evaluations. 

 

The Department of Teaching and Learning 

arranged sessions with trained teacher 

volunteers and oversaw the development  

of the pretests and posttests used with  

the first- and second-semester growth 

measurement units. The unit assessments 

followed test security protocol modeled on 

state testing procedures. 

 

Webb’s depth of knowledge model was 

used in creating assessments to incorporate 

both higher- and lower-order questions. 

Assessments included multiple choice and 

extended response questions (see Appendix 

E for three sample assessments). The 

following were the general criteria used 

across grade levels to create the 

assessments:  

 Kindergarten, and first and second grade  
(11 questions with three answer 
choices): 

– One multiple choice question at 
level 1 of the taxonomy worth one 
point. 

– Six multiple choice items at level 2 
of the taxonomy worth one point 
each. 
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– Three multiple choice items at 
level three of the taxonomy worth 
two points each.  

– One extended response question 
at level four of the taxonomy 
worth five points. 
 

 Grades three, four, and five  
(11 questions): 

– One multiple choice question at 
level 1 of the taxonomy worth one 
point. 

– Six multiple choice items at level 2 
of the taxonomy worth one point 
each. 

– Three multiple choice items at 
level three of the taxonomy worth 
two points each. 

– One extended response question 
at level four of the taxonomy 
worth five points. 
 

 Grades six through twelve  
(16 questions): 

– Two multiple choice questions at 
level 1 of the taxonomy worth one 
point each. 

– Eight multiple choice items at 
level 2 of the taxonomy worth one 
point each. 

– Five multiple choice items at level 
three of the taxonomy worth two 
points each.  

– One extended response question 
at level four of the taxonomy 
worth five points. 

 

Item response analyses were performed on 

all assessments so that the district could 

continue to improve the assessments over 

time. Results of both semester unit 

assessments were delivered to the district to 

improve overall quality of the assessments. 

This report includes the reliability scores for 

the evaluative unit (see Appendix F).  

 

Data and Methods 

During the evaluative unit, 74 common 

assessments were administered in all subject 

areas by grade level (see Appendix F for a 

complete list). Examples of subject areas 

included English, math, reading, science, 

Spanish, French, physical education, art, 

and music. Students completed a pretest in 

the beginning of the unit and a posttest at 

the end (see Appendix E for sample 

assessments). Protocols for security and test 

administration were in place to monitor 

administration of the tests.  

 

Two models were used to calculate teacher 

VAM scores. First, ordinary least squares 

(OLS) regression estimates were used to 

calculate residual growth scores for students 

who completed both assessments. Those 

growth scores were then aggregated to the 

teacher level. The district selected growth 

measurement courses for teachers, so they 

typically had at least one course where a 

growth score was calculated. Only in few 

cases did teachers have growth data in 

different courses or across grade levels. A 

school component was not incorporated in 

the final estimate due to the limited number 

of schools in the project. 

 

Second, empirical Bayes (EB) estimates 

were calculated to assess correlations with 
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multiple metrics with as minimal error as 

possible in teacher VAM estimates. EB 

estimates are different from OLS regression 

estimates in that they incorporate a 

weighted average of the residuals, which 

“shrinks” the estimates and reduces 

standard error (Raudenbush and Bryk, 

2002). Value-added models often use Bayes 

estimates to address the fact that among 

teachers and schools with the same level of 

true performance, those with fewer 

students in the estimation sample face a 

greater likelihood that their students 

happen, by chance, to have unusually high 

or low learning growth. Without this form 

of adjustment, teachers with fewer students 

or those with less precise estimates will tend 

to be overrepresented at both the high and 

low ends of the estimated performance 

distribution by chance. 

 

OLS regression estimates, rather than the 

more robust EB estimates, were used as the 

final teacher growth score for two reasons. 

First, data was collected over the course of 

the unit to provide timely formative 

feedback to teachers with regard to their 

students. The goal of this pilot was to 

provide teachers with formative data while 

their students were still in the classroom. 

OLS regression estimates, although not as 

robust as the mixed effect approach, were 

used to achieve this goal. The data 

collection process was a large undertaking. 

Student roster data verification processes 

had to be put in place and checked by 

teachers and principals. Assessment data 

was received in portions determined by 

when posttest administration dates were 

completed by assessment. Last, formative 

data was displayed in the iObservation 

platform. Only after administration of both 

pretests and posttests, the data validation 

process, and the calculations could the 

formative data be available to teachers.  

 

Most importantly, mixed model estimates 

are more appropriate for a larger number of 

higher-level units. Although assessments 

were created in all courses, only reading and 

some math courses had enough higher-level 

units to use EB estimates. Some courses 

had only one teacher who administered that 

course—a common problem with singleton 

teachers. OLS regression estimates allowed 

for formative growth scores to be generated 

even for singleton teachers. Consequently, 

to have a consistent formula across 

teachers, OLS regression estimates were 

used as the teacher VAM score. EB 

estimates were used only to correlate with 

state VAM estimates.  

 

Control variables included in the model 

were selected to be consistent as possible 

with the Florida Department of Education 

(FLDOE) VAM formula. Control variables 

included the following: 

 Prior achievement (pretest score)—

values ranged from 0 to 100.  
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 Gifted—a dichotomous variable, with 

one being equal to gifted. 

 Disability—a dichotomous variable, 

with one being equal to any of the 

following disabilities or therapies for 

disabilities: orthopedic impairments, 

occupational therapy, speech 

impairments, physical therapy, 

language impairments, hearing 

impairments, visual impairments, 

emotional or behavioral disabilities, 

other specific learning disabilities, 

hospital or homebound, dual-

sensory impairments, autism 

spectrum disorder, traumatic brain 

injuries, developmental delays, 

established conditions, other health 

impairments, and intellectual 

disabilities.  

 English language learners (ELLs)—a 

dichotomous variable, with one 

being equal to a student in any 

Limited English Proficient class or 

being on a 2-year monitoring 

program after exiting an English for 

Speakers of Other Languages 

program.  

 Difference in modal age—calculated by 

subtracting the modal age in days of 

each grade level from a student’s age.  

 Days absent—calculated based on the 

number of days a student was absent 

during the school year.  

 

It should be noted that the FLDOE has 

opted not to control for poverty directly in 

the model. However, the inclusion of prior 

test scores (and some of the other variables) 

accounts for some variation in income. 

There is a strong correlation between family 

income and students’ absolute test scores; 

thus, controlling for prior achievement does 

account for some of this variation. 

 

Although the free and reduced lunch (FRL) 

variable as a poverty metric is limited, one 

could make a strong argument that models 

should include everything possible that 

could be associated with testing 

performance. This is especially true in this 

study when isolating all possible factors that 

could attribute to differences in the 

performance treatment and control groups. 

To attribute student growth gains to the 

treatment, studies must control for all 

possible confounding variables.  

 

Economic influences in different 

geographic areas and any racial and gender 

disparities across schools that could 

possibly influence student learning could 

impact the results of the outcome 

evaluation. These control variables are 

included in the models to hold constant the 

student and classroom factors known to 

influence student achievement (Ballou, 

Sanders, and Wright, 2004; Ballou Mokhur, 

and Cavalluzzo, 2012; Goldhaber and 

Hansen, 2010; Johnson, Lipscome, and Gill, 

2014; McCaffrey, Koretz, Lockwood, and 

Hamilton, 2004; Newton, Darling-

Hammond, Haertel, and Thomas, 2010; 

Staiger and Kane, 2014; Stuit, Berends, 

Austin, and Gerdeman, 2014). To account 
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for all variation across schools and students, 

this study will model the results both ways: 

first, by using only the FLDOE control 

variables, and second, by accounting for all 

measurable factors that could influence 

student performance (race, ethnicity, 

gender, and FRL). It also should be noted 

that multicollinearity was investigated 

between all variables used in the evaluation. 

The highest correlation between these 

variables was at .4 between Hispanic 

learners and ELLs.  

  

Treatment and Control School Match 

Five schools in Pinellas County were 

selected to receive the treatment and were 

statistically matched (using the FUZZY 

procedure in SPSS Version 21) to control 

schools on percentages of FRLs and those 

absent 21 days or more. Elementary schools 

were matched using a 3% variation on FRL 

or 5% on percentage absent. Middle schools 

and high schools used a 10% variation on 

each of the variables due to the limited 

number of middle and high schools in the 

district. The most recent data available at 

the time the control groups were selected 

was obtained from the 2010–2011 FLDOE. 

This data was used to statistically match 

treatment and control groups. The results 

of the statistical matching procedure are 

outlined in Table 4, which shows that all 

schools were a very close match.  

 

 

Table 4. Treatment and Statistically Matched 
Controls: 2010–2011 FLDOE Data 

School 
Students 

(#) 

Free and 
Reduced 
Lunch 

(%) 

Absent 21 
Days or 

More (%) 

ES 1* 630 82 6 

ES 1 724 82 7 

ES 2* 448 81 12 

ES 2 616 78 9 

ES 3* 655 67 7 

ES 3 525 66 4 

MS* 1,065 81 23 

MS 831 73 17 

HS* 1,584 53 28 

HS 1,559 62 24 

* Indicates a treatment school. 

 

Table 5 indicates those same measures for 

the study sample for students included in 

the outcome evaluation. Although 74 

assessments were administered across 

treatment schools, only 26 of those were 

administered at control schools. The district 

selected assessments to be administered at 

control schools. As noted, the percentages 

of FRL students and those absent changed 

in some degree from the original selection. 

Further analyses were completed to assess 

whether these differences were significant. 

ES 1 and ES 3 had significant differences in 

both absences and FRLs. The MS and HS 

categories had a significant difference only 

in FRL. No significant differences were 

noted between groups for ES 2. To account 

for differences, these variables will be 

controlled for at the school level in the 

outcome evaluation. Instead of using 

absence of 21 days or more, the number of 

days absent will be used, as it is a more 
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robust measure than the dichotomous 

indicator of absence of 21 days or more. 

 

Table 5. Treatment and Statistically Matched 
Controls: Study Sample 

School 
Students 

(#) 

Free and 
Reduced 
Lunch 

(%) 

Absent 
21 Days 
or More 

(%) 

ES 1* 517 69 9 

ES 1 580 54 5 

ES 2* 444 67 10 

ES 2 503 63 9 

ES 3* 561 50 6 

ES 3 518 38 1 

MS* 781 58 10 

MS 666 45 9 

HS* 1,060 36 9 

HS 714 46 11 

* Indicates a treatment school. 

 

To assess attrition rates within the study 

sample, descriptives are reported for the 26 

assessments included in the outcome 

evaluation. Table 6 shows the percentage of 

missing data for each assessment where no 

pretest or posttest data was found for 

students. To be included in the study 

sample, students had to complete both a 

pretest and posttest with the same teacher 

during the unit. Table 6 shows that the 

highest number of missing students were in 

Algebra 1 (54%) followed by HOPE (50%), 

English 1 (45%), ELA 6 (43%), Science 8 

(42%), English 2 (40%), World History 

(40%), and Intensive Reading (37%). The 

greatest amount of missing data was 

primarily seen for high school assessments. 

This could be due to several reasons. First, 

high school populations are more transient 

than those in elementary or middle schools. 

Students are more likely to transfer out of 

courses or could change teachers during a 

course. Second, some teachers would only 

administer the pretest or posttest. This 

leaves a high amount of missing data for 

these assessments because there is no 

pretest and posttest match for students. 

This later issue was more prevalent at 

control schools simply because it was an 

extra assessment that they were required to 

administer.  

 

Table 6. Percentage of Students Missing a 
Pretest or Posttest 

 Course 
Missing 

(%) 

ELA KG 5 

ELA 1 3 

ELA 2 9 

ELA 3 5 

ELA 4 5 

ELA 5 3 

ELA 6 43 

ELA 7  26 

Math 6 22 

Math 7 20 

Math 8 23 

Science 6 13 

Science 7 26 

Science 8 42 

English 1 45 

English 2 40 

Geometry 27 

Algebra 1 54 

Pre-Calculus 24 

Chemistry 27 

HOPE 50 

Intensive Reading 37 

JROTC 22 

Spanish 1 26 

U.S. History 25 

World History 40 
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PROCESS EVALUATION RESULTS 

Several times throughout the year, data was 

collected to analyze trends in performance 

and document baseline characteristics of 

schools. This information was analyzed and 

reported back to the district through 

monthly data meetings with the district 

leader and principal supervisor. Each of the 

data components will be reviewed next, first 

by outlining the results from all multiple 

metrics, including the teacher self- 

assessment, observational data, student 

survey data, and unit value-added measure 

(VAM) data. Then, the multiple metric 

correlations will be presented, followed by 

two examples of the teacher effectiveness 

profile.  

 

Teacher Self-Assessment 

The teacher self-assessment was completed 

by 247 teachers after the summer training 

and within the first 3 months of the school 

year. This assessment was non-evaluative 

and only viewable by principals if the 

teacher opted to share it. Only those 

elements in the Marzano Teacher 

Evaluation Model (MTEM) more highly 

correlated to student growth were utilized in 

the self-assessment (Marzano, Carbaugh, 

Rutherford, and Toth, 2013). Teachers were 

asked to complete the self-assessment only 

one time to lessen the burden of reporting 

for them. Scores ranged from 0 to 4: Not 

Using (0), Beginning (1), Developing (2), 

Applying (3), and Innovating (4).  
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Table 7 shows average scores for each 

school sorted from highest to lowest. At ES 

3, teachers scored themselves the highest 

(2.26) on the use of the instructional 

strategies, whereas HS teachers scored 

themselves the lowest (1.87). On average, 

teachers scored themselves at around the 

Developing level, which is fairly accurate 

considering that this was the first year of the 

model’s implementation.  

 

Table 7. Average Self-Assessment Score  
by Treatment School 

School Average 

ES 3 2.26 

ES 1 2.10 

MS 2.06 

ES 2 1.93 

HS 1.87 

Total Teachers 247 

 

To investigate which strategies teachers felt 

they needed to improve upon, all scores 

were averaged to each element. Table 8 

shows results of those scores. As noted, 

most strategies common in traditional 

teaching (Establishing Classroom Routines, 

Noticing When Students Are Not Engaged, 

and Chunking Content into Digestible 

Bites) were ranked higher than more 

student-centered strategies (Tracking 

Student Progress, Providing Clear Learning 

Goals & Scales, Examining Errors in 

Reasoning). 

 

 

 

 

Table 8. Average Self-Assessment Score by 
Element 

Element Average  

Establishing Classroom Routines 2.47 

Noticing When Students Are Not 
Engaged 2.42 

Chunking Content into Digestible Bites 2.19 

Reviewing Content 2.15 

Identifying Critical Information 2.13 

Previewing New Content 2.13 

Practicing Skills, Strategies, & Processes 2.09 

Examining Similarities & Differences 1.96 

Managing Response Rates 1.94 

Elaborating on New Information 1.91 

Celebrating Success 1.85 

Recording & Representing Knowledge 1.81 

Examining Errors in Reasoning 1.78 

Providing Clear Learning Goals & Scales 1.69 

Tracking Student Progress 1.68 

Average 2.01 

 

Next, the study investigated whether being 

more experienced would impact the way a 

teacher would self-assess on the strategies 

of the model. Figure 3 shows that there was 

a small difference (.06) between first-year 

teachers and those who have taught for 2 

years or more.  

 

 
Figure 3. Average Self-Assessment Score  
by Experience 
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Last, it was important to investigate the 

teachers’ average score distribution. This 

was essential to assess the range of scores in 

model implementation. Figure 4 shows that 

no teachers scored themselves at a level of 

4, which would equate to Innovating on all 

strategies, and one teacher scored herself at 

a .04 or close to zero (Not Using); 21 

teachers had an average score of 1 and 22 

teachers had an average score of 2.1. 

Overall, the distribution of scores call 

attention to the room for growth and the 

accurate feedback received from the self-

assessment scores.  

 

 
Figure 4. Average Self-Assessment Score  
by Teacher 

 

Observational Data 

The goal for the pilot was for each teacher 

to have at least two formal observations (the 

first non-evaluative and the second 

evaluative) and three informal observations 

throughout the year. From September 18, 

2013, through June 25, 2014, a total of 1,415 

observations of 291 teachers in pilot 

schools were conducted. Table 9 shows the 

number of completed observations by 

school. ES 1 had the fewest observations 

conducted (184), whereas HS had the 

largest number of observations (424). The 

high school had more observations most 

likely because it had more teachers than the 

elementary schools. 

 

Table 9. Number of Completed Observations 
by School 

School 
Observations 

(#) 

ES 1 184 

ES 2 199 

ES 3 215 

MS 393 

HS 424 

Total 1,415 

 

Next, the number of scores, the frequency 

of those scores, and the average score for 

each element are presented by lesson 

segment. Table 10 shows the results for the 

Lesson Segment Involving Routine Events. As 

noted, there were fewer scores for the 

element Celebrating Success (580) compared to 

Establishing Classroom Routines (2,334). This 

most likely is due to how often these 

elements are observed in the classroom and 

how often they are utilized. The frequency 

indicates the percentage of times the 

element was scored in comparison to all 

other elements in the MTEM. Thus, 

Establishing Classroom Routines was scored 8% 

of the time. In this Lesson Segment, the 

highest score was seen for Organizing the 

Physical Layout of the Classroom (3.42), and the 

lowest was seen for Providing Clear Learning 

Goals & Scales (2.49). 
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Table 10. Involving Routine Events: Average 
Score by Element 

Element # 
Freq. 
(%) Avg. 

Organizing the Physical 
Layout of the Classroom 

1,521 5 3.42 

Establishing Classroom 
Routines 

2,334 8 3.40 

Celebrating Success 580 2 3.19 

Tracking Student 
Progress 

1,264 5 3.05 

Providing Clear 
Learning Goals & Scales  

1,793 8 2.49 

 

Table 11 shows the results for the Lesson 

Segment Addressing Content. The highest 

average score was noted for Practicing Skills, 

Strategies, & Processes (3.31), whereas the 

lowest average score was noted for Reflecting 

on Learning (2.53). The highest frequency 

element scored out of this Lesson Segment 

was Practicing Skills, Strategies, & Processes 

(7%). 

 

Table 11. Addressing Content: Average Score 
by Element 

Element # 
Freq. 
(%) Avg. 

Practicing Skills, 
Strategies, & 
Processes 

2,080 7 3.31 

Engaging Students in 
Cognitively Complex 
Tasks 

56 0 3.29 

Providing Resources 
& Guidance 

82 0 3.28 

Organizing Students 
for Cognitively 
Complex Tasks 

78 0 3.25 

Organizing Students 
to Practice & 
Deepen Knowledge 

1,013 4 3.2 

Examining 
Similarities & 
Differences 

287 1 3.15 

Element # 
Freq. 
(%) Avg. 

Recording & 
Representing 
Knowledge 

454 2 3.13 

Chunking Content 
into Digestible Bites 

789 3 3.12 

Organizing Students 
to Interact with New 
Knowledge 

415 2 3.07 

Identifying Critical 
Information 

995 4 3.03 

Reviewing Content 1,523 6 2.95 

Examining Errors in 
Reasoning 

337 1 2.93 

Processing New 
Information 

314 1 2.88 

Using Homework 46 0 2.88 

Previewing New 
Content 

539 2 2.82 

Elaborating on New 
Information 

289 1 2.73 

Revising Knowledge 28 0 2.55 

Reflecting on 
Learning 

48 0 2.53 

 

Table 12 shows results for the Lesson 

Segment Enacted on the Spot. As noted, the 

highest average score was for Asking 

Questions of Low Expectancy Students (3.51), 

whereas the lowest average score was for 

Using Friendly Controversy (2.75). The highest 

frequency score for this Lesson Segment 

was noted in Demonstrating “Withitness” (6%). 

 

Table 12. Enacted on the Spot: Average Score 
by Element 

Element # 
Freq. 
(%) Avg. 

Asking Questions of Low 
Expectancy Students 158 1 3.51 

Demonstrating Intensity & 
Enthusiasm 926 3 3.48 

Using Verbal & Nonverbal 
Behaviors 1,163 4 3.47 

Communicating Values & 
Respect 229 1 3.47 

Using Academic Games 128 0 3.46 
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Element # 
Freq. 
(%) Avg. 

Using Physical Movement 351 1 3.41 

Displaying Objectivity & 
Control 312 1 3.39 

Demonstrating 
“Withitness” 1,615 6 3.35 

Maintaining a Lively Pace 885 3 3.30 

Presenting Unusual or 
Intriguing Information 166 1 3.25 

Probing Incorrect Answers 
with Low Expectancy 
Students 159 1 3.24 

Acknowledging Adherence 
to Rules & Procedures 790 3 3.22 

Understanding Students’ 
Interests & Background 162 1 3.18 

Providing Opportunities 
for Students to Talk 141 1 3.13 

Applying Consequences 
for Lack of Adherence to 
Rules & Procedures 836 3 3.13 

Noticing When Students 
Are Not Engaged 1,156 4 3.07 

Managing Response Rates 852 3 3.04 

Using Friendly 
Controversy 55 0 2.75 

 

For quality assurance purposes, the average 

number of observations teachers received 

and the number of elements scored per 

teacher were tracked on a monthly basis. 

This was done to ensure fidelity to the 

model, scoring accuracy, and an accurate 

end-of-year evaluation score. The next set 

of figures will outline data on observer 

performance.  

 

Figure 5 shows the number of observations 

that each teacher had in Domain 1 of the 

MTEM by the end of the year. There were 

140 teachers who had five observations, 

with one teacher having as many as 13 and 

eight teachers having as few as one 

observation. Those with the least 

observations most likely were teachers who 

left (resigned, on leave) prior to being able 

to have more than one. The data validates 

that most teachers had five observations 

throughout the pilot. 

 

 
Figure 5. Domain 1: Number of Observations  
for Teachers 

 

Figure 6 shows the number of elements 

scored per teacher by the end of the year. 

There were 56 teachers who had 26 to 30 

elements scored for all observations. There 

were 17 teachers who had 51 or more 

elements scored, whereas three teachers had 

only one to five elements scored. 

 

 
Figure 6. Domain 1: Scored Element Count  
for Teachers 
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Figure 7. 2013–2014 Observation Score Distribution 

 

Figure 7 investigates the score distribution 

from the start of the pilot in October 2013 

to the end in July 2014. As noted earlier, 

toward the end of the year, the percentage 

of Innovating scores increased and that of 

Developing scores decreased. This could 

have occurred for two reasons: either it was 

getting closer to the end of the year and 

observers inflated scores to help teachers’ 

final evaluation scores or teachers were 

showing improvement in their use of the 

strategies during the second semester. After 

assessing all data outlined throughout this 

report, it seems likely that the increase in 

scores was due to an increase in the quality 

of instruction in the classroom.  

 

Figure 8 investigates the score distribution 

for all scored elements at the end of the 

year. This distribution is represented in the 

July 2014 scores in Figure 7. Overall, 

approximately 44% of the elements were 

scored at the Applying level, 38% were 

Innovating, 14% were Developing, 3% 

were Beginning, and 1% were Not Using. 

The score distribution in Figure 8 shows a 

relative amount of both high and low 

scores. There are some similarities when 

comparing distribution scores of Pinellas 

County Schools (PCS) to a national 

distribution of greater than two million data 

points from more than 263 organizations. 

 

 
Figure 8. 2013–2014 Observation Score 
Distribution 
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For comparison purposes, the national 

score distribution is shown in Figure 9. 

Overall, approximately 70% of the scores 

were at the Applying level, 19% were 

Innovating, 9% were Developing, 2% were 

Beginning, and less than 1% were Not 

Using. Although the PCS score distribution 

has nearly 26% fewer Applying scores, they 

have more Innovating scores, coupled with 

5.5% more Developing scores. The 

coaching and feedback given to principals 

in the first year at PCS seems to be helping 

with the overall inflation seen at the national 

level.  

 

 
Figure 9. 2012–2013 National Observation  
Score Distribution 

 

Last, the average score by teacher was 

investigated. These scores do not represent 

the final teacher evaluation score, as it can 

be different when using conjunctive 

scoring. The conjunctive score is used to 

create the final teacher evaluation score.  

 

Figure 10 shows the average observation 

score by teacher. There were 31 teachers 

who had an average score of 2.8. One 

teacher received a perfect score of 4.0, and 

one teacher was scored at 0.4. It is 

interesting to note the observer-scored 

averages compared to self-assessment 

average scores by the teacher. Although 

encompassing a much different time frame, 

the average self-assessment scores are much 

lower than the average observer scores 

(compare Figure 10 to Figure 4). 

 

 
Figure 10. Average Observation Score  
by Teacher 

 

Student Survey  

Research shows that information from 

student surveys combined with data from 

classroom observations are a strong 

predictor of student achievement gains. 

Learning Sciences International’s student 

survey includes items that are directly 

aligned to research-based strategies more 

correlated with student growth. The survey 

also includes items that are aligned with 

state standards. The survey is administered 
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in grades four through twelve. It consists of 

approximately 30 questions and takes 

approximately 30 minutes to complete. 

 

Through student surveys, principals and 

teachers can identify areas where their 

instructional practice needs improvement. 

Additionally, they can identify which 

classroom strategies are working effectively 

with students. Student surveys are designed 

to yield a full, accurate picture of how well 

students make connections to subsequent 

content and how engaged they are in 

learning, as well as a host of other critical 

factors that impact their achievement and 

performance. Student perception data 

shows the degree to which teachers are 

using specific strategies and obtaining the 

desired student outcome. The student 

survey aims to provide diagnostic feedback 

to teachers to enhance their pedagogical 

skills, ultimately improving student learning.  

 

Teachers receive feedback from students on 

strategies aligned to the model. For 

example, for Practicing Skills, Strategies, & 

Processes, the survey asks students whether 

they strongly agree, agree, disagree, or 

strongly disagree with the following 

statement: “My teacher provides me with 

the opportunity to practice a skill.” If the 

average for all students on this element is 

high, the teacher will know that he or she is 

providing sufficient opportunities for 

practice. Another survey item asks, “If I 

cannot perform a skill, my teacher has me 

practice it until I can do it by myself.” If a 

teacher scores low on this item, the teacher 

will know whether he or she is obtaining the 

desired outcomes from students. The 

teacher will then have the opportunity to 

use a different set of classroom skills and 

strategies to ensure that the desired effect is 

achieved for every student in the class. 

Results are aggregated to school and district 

levels to assess overarching strengths and 

growth areas at each level.  

 

Additionally, student survey results are 

analyzed and merged with student 

demographic data to provide targeted areas 

for subgroup improvements and identify 

potential achievement gaps. This provides 

both teachers and principals granular 

feedback around instructional strategies 

that can be used to minimize potential 

subgroup gaps in their classrooms.  

 

Expert coaches guided principals on how to 

use the data. Principals were asked to do the 

following:  

 Use the actual items to review specific 

instructional strategies. 

 Review building-, subject-, and grade-

level trends and patterns. 

 Determine priorities for walk-through 

visits and professional development. 

 Compare student survey data to 

classroom observation data.  

 Identify any areas below Strongly 

Agree for areas for growth. If the 
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perception was that a strategy is 

consistently being used and 

monitored, a student would select 

Strongly Agree. 

Further, coaches guided teachers to use the 

data as well. Teachers were asked to do the 

following: 

 Use the actual items to review specific 

instructional strategies. 

 Identify any areas below Strongly 

Agree as areas for growth. 

 Ask, “Am I reaching all students?” If 

not, the next question to ask was, 

“How can I increase monitoring and 

adjust strategies to reach all?” 

For both the non-evaluative and evaluative 

units, students were sampled in English 

Language Arts (ELA) courses in elementary 

schools. If teachers did not teach ELA, they 

administered the survey in math courses. At 

the middle schools, the treatment school 

was surveyed in second period and the 

control school was surveyed in first period. 

At the high schools, the treatment school 

was surveyed in fifth period and the control 

school was surveyed in the third. Middle 

and high schools were requested to 

administer in core courses prior to other 

courses during that period. This course 

sample allowed for most teachers to receive 

feedback in their growth measurement 

course. A student roster was not able to be 

generated; however, the sampling process 

ensured that most teachers and students 

had an equal opportunity to participate. The 

student survey administration window was 

open for approximately 8 weeks to allow for 

teachers to reserve computer labs so that 

students could complete the survey online.  

 

Table 13 shows response rates for the 

student survey by school for the non-

evaluative unit. The middle and high 

schools for the control schools had low 

response rates at 5% and 16%, respectively. 

The low response by teachers at those 

schools could potentially bias the sample. 

All other response rates by schools were 

moderate to high (50% to 100%). Note that 

an asterisk indicates a treatment school.  

 

Table 13. Non-Evaluative Unit: Student Survey 
Response Rates by School 

School 
Teachers 

Completed  
Teachers 
Selected 

Response 
Rate (%) 

ES 1 10 10 100 

ES 1* 8 9 89 

ES 2  5 10 50 

ES 2* 7 8 88 

ES 3 8 10 80 

ES 3* 8 9 89 

HS  1 20 5 

HS* 24 27 89 

MS 6 37 16 

MS* 34 52 65 

Total 111 192 58 

 

Table 14 shows the response rates by school 

for the evaluative unit. An asterisk indicates 

a treatment school. Overall, the response 

rate was higher in the evaluative unit than in 

the non-evaluative unit at 65% and 58%, 

respectively. The lowest response rate was 

reported for the high school in the 

treatment group (47%) and the middle 
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school control (54%). All other response 

rates by schools were high (68% to 100%). 
 

Table 14. Evaluative Unit: Student Survey 
Response Rates by School 

School 
Teachers 

Completed  
Selected 

(#) 
Response 
Rate (%) 

ES 1 10 13 77 

ES 1* 10 12 83 

ES 2  9 11 82 

ES 2* 6 7 86 

ES 3 8 10 80 

ES 3* 10 10 100 

HS  26 32 81 

HS* 30 64 47 

MS 30 56 54 

MS* 19 28 68 

Total 158 243 65% 

 

For simplicity purposes, the results are 

presented only for treatment school 

students. During the first semester, 1,926 

students completed the student survey, and 

during the second semester, 3,011 students 

completed the survey. Of those who 

completed the survey in the second 

semester, 69% were students at treatment 

schools and 31% were from control 

schools. Both treatment and control 

schools received the aggregated responses 

at the teacher and school levels. 

Additionally, principals and teachers from 

the treatment schools had access to the 

average score for each item and the 

demographic subgroup scores. The data 

from these surveys was used to guide 

instruction at both the classroom and 

school levels.  

 

 

Table 15. Student Survey Results by Highest 
Average Element Scores 

  

Non-
Evaluative 

Unit 
Evaluative 

Unit 
Element N Mean N Mean 
Celebrating 
Success* 1,272 3.31 1,667 3.35 

Understanding 
Students’ 
Interests* 1,273 3.26 1,669 3.24 

Noticing 
When 
Students Are 
Not Engaged 840 3.15 1,010 3.23 

Tracking 
Student 
Progress* 1,272 3.10 1,670 3.23 

Managing 
Response 
Rates* 1,277 3.13 1,673 3.21 

Identifying 
Critical 
Information 855 3.20 1,010 3.20 

Chunking 
Content into 
Digestible 
Bites* 1,274 3.14 1,661 3.19 

Providing 
Clear Learning 
Goals & 
Scales* 1,275 3.03 1,671 3.15 

Chunking 
Content into 
Digestible 
Bites  851 3.18 1,012 3.15 

Practicing 
Skills, 
Strategies, & 
Processes 839 3.07 1,008 3.13 

 

Table 15 shows the 10 highest-scored items 

by element name for the non-evaluative and 

evaluative units for treatment schools only. 

There were multiple questions per strategy, 

and an asterisk indicates an item designed to 

assess whether the teacher was obtaining 

the desired effect of the strategy with 

students. Averages across units increased 
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for all strategies except Understanding 

Students’ Interests and Chunking Content into 

Digestible Bites, where there was a slight 

decrease in the average scores. 

 

Table 16 shows the 10 lowest-scored items 

by element name for the non-evaluative and 

evaluative units for treatment schools only. 

There was slight improvement in the 

average scores per element except for 

Reviewing Content, where there was a slight 

decrease in the average score.  

 

Table 16. Student Survey Results by Lowest 
Average Element Score 

  

Non-
Evaluative 

Unit 
Evaluative 

Unit 

Element N Mean N Mean 

Tracking 
Student 
Progress (2)* 1,273 2.76 1,672 2.91 

Managing 
Response Rates  842 2.91 1,012 2.90 

Reviewing 
Content 857 2.94 1,012 2.90 

Recording & 
Representing 
Knowledge 856 2.85 1,012 2.87 

Engaging in 
Cognitively 
Complex Tasks 841 2.82 1,009 2.86 

Managing 
Response Rates 
(2) 835 2.74 1,007 2.86 

Elaborating  
on New 
Information  855 2.85 1,011 2.85 

Recording & 
Representing 
Knowledge* 1,277 2.77 1,669 2.83 

Celebrating 
Success  857 2.40 1,015 2.58 

Tracking 
Student 
Progress 853 2.45 1,015 2.54 

Next, demographic subgroup data for 

treatment schools are presented for each 

school type for the evaluative unit. An 

average score for each student was created 

based on the number of completed 

questions. Responses were coded as 

follows: Strongly Agree (4), Agree (3), 

Disagree (2), and Strongly Disagree (1). If 

the student did not understand the 

question, his or her response was not 

included in the average score. Data was 

standardized to compare to other metrics. 

Student average scores were standardized 

using z-scores—a statistical measurement 

of a score’s relationship to the mean in a 

group of scores. A z-score of zero means 

that the score is the same as the mean or at 

average. Additionally, a z-score can be 

positive or negative, indicating whether it is 

above or below the mean and by how many 

standard deviations. After standardization, 

the z-scores were averaged to demographic 

subgroups to assess any subgroup gaps of 

students’ perceptions.  

 

Figure 11 shows the average z-score by 

demographic subgroups for the treatment 

high school. There were 536 students who 

correctly entered their student identification 

number (ID) and answered 10 or more 

questions on the student survey for the 

evaluative unit. Of those, 54% were female, 

45% were Black, 9% were students with 

disabilities (SWDs), 8% were Hispanic, 1% 

were English language learners (ELLs), and 
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no students were gifted. SWDs had an 

average z-score of -.23, whereas students 

without a disability had an average score of 

.11. Moreover, there was a gap in perception 

between males and females of teachers’ use 

of instructional strategies at .04 and .12, 

respectively. Non-ELL students scored 

their teachers higher on performance of 

instructional strategies compared to ELL 

students. Overall, almost all student 

subgroups (except SWDs) scored their 

teachers better than average on the use of 

instructional strategies at the high school. 

 

 
Figure 11. High School Student Survey  
Results: Average Score by Subgroup 

 

Figure 12 shows the average z-score by 

demographic subgroup for the treatment 

middle school. There were 476 students in 

the middle school who correctly entered 

their student ID and answered 10 or more 

questions on the student survey for the 

evaluative unit. Of those, about 49% were 

female, 45% were Black non-Hispanic, 10% 

were Hispanic, 9% were SWDs, 2% were 

ELL students, and 2% were gifted students. 

Almost all averages for the treatment 

middle school subgroups (except ELL 

students) were below average compared to 

all students who completed the survey. 

There was a gap in perception between 

males and females at -.07 and -.31, 

respectively. The largest gap in student 

perception of teachers’ use of instructional 

strategies was seen for ELL students (.22 

compared to non-ELL students at -.20 

standard deviations below the mean). 

 

 
Figure 12. Middle School Student Survey 
Results: Average Score by Subgroup 

 

Figure 13 shows the average z-score by 

demographic subgroup for the treatment 

elementary schools. There were 668 

students who correctly entered their student 

ID and answered 10 or more questions on 

the survey. Of those students, about 52% 

were female, 26% were Black non-Hispanic, 

15% were Hispanic, 6% were SWDs, 8% 

were ELL students, and 5% were gifted 

students. All subgroups except ELL (-.31) 

and Hispanic (-.14) students scored teachers 

lower than average on their use of 
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instructional strategies. Non-ELL students 

scored their teachers higher compared to 

ELL students.  

 

 
Figure 13. Elementary School Student Survey 
Results: Average Score by Subgroup 

 

To assess any significant differences across 

treatment students from the first semester 

to the second, independent sample t-tests 

were conducted. The aggregated treatment 

group comparison from the first to second 

semester showed no significant findings 

from the treatment group. However, when 

digging deeper, looking at the item level by 

element, some significant gains were found. 

Table 17 shows only the significant mean 

differences for all treatment students by 

item and element name. It should be noted 

that list-wise deletion was used for this part 

of the analysis, so the mean difference may 

be different in Table 17 compared to that 

found in Tables 15 and 16.  

  

 

Table 17. Significant Mean Differences for 
Treatment Students on the Student Survey 

Element 
Mean 
Diff. p 

Std. 
Error 

Celebrating Success  .179 .003 .060 

Demonstrating 
Intensity & 
Enthusiasm .147 .008 .055 

Demonstrating Values 
& Respect* .139 .003 .047 

Displaying Objectivity 
& Control .149 .007 .055 

Elaborating on New 
Information* .073 .082 .042 

Engaging Students in 
Cognitively Complex 
Tasks* .103 .022 .045 

Examining Errors in 
Reasoning .151 .007 .056 

Examining Errors in 
Reasoning* .123 .004 .043 

Managing Response 
Rates (2) .122 .030 .056 

Managing Response 
Rates* .068 .080 .039 

Noticing When 
Students Are Not 
Engaged .085 .080 .048 

Noticing When 
Students Are Not 
Engaged (2) .137 .014 .056 

Practicing Skills, 
Strategies, & 
Processes* .091 .049 .046 

Previewing New 
Content .118 .004 .041 

Providing Clear 
Learning Goals & 
Scales* .094 .021 .041 

Reviewing Content* .073 .074 .041 

Tracking Student 
Progress (2)* .110 .019 .047 

Tracking Student 
Progress* .092 .028 .042 

 

Table 17 shows that students at treatment 

schools scored teachers significantly higher 

on the 19 items relating to performance on 

14 research-based strategies during the 

second semester as compared to the first, 
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indicating an increase in teacher pedagogy. 

This is a rather significant finding especially 

when taking into account that control group 

students did not show these types of gains. 

In fact, they actually showed that the overall 

change from the first to second semester 

decreased slightly.  

 

Table 18 shows the overall comparisons 

between the treatment and control groups 

during the first and second semesters. 

Although one should use caution when 

interpreting the results because of the few 

number of respondents for the control 

group during the first semester, there still 

are substantive findings. The control group 

students scored their teachers significantly 

higher than treatment students during the 

first semester, whereas those differences 

seem to decrease during the second 

semester (no significant differences found 

between groups). 

 

Table 18. Treatment and Control Group 
Differences on the Student Survey  

  Semester 1 Semester 2 

  N Mean N Mean 

Treatment  1,284 2.997** 1,410 3.027 

Control 572 3.086 1,217 3.030 

** p-value < .01. 

 

Unit Value-Added Metric  

Although the main treatment effects are 

assessed later in the Outcome Evaluation 

Results section of this report, we thought it 

would be beneficial to assess progress and 

outcomes halfway through the project. Data 

during the non-evaluative unit was not as 

complete as the evaluative unit; however, 

this remains an essential question for 

implementation of the program.  

 

Treatment effects were assessed for the 

non-evaluative semester; however, only 

limited control group samples were 

available. Out of the 25 assessments 

administered during the non-evaluative 

unit, only five assessments had a sufficient 

control group sample. Moreover, although 

assessments were administered in all of the 

courses, those implemented during the first 

semester to the control group were ELA 

assessments. Independent sample t-tests 

were used to investigate the mean 

difference in the residual growth scores of 

students. The residual scores accounted for 

prior achievement (pretest), gifted status, 

disability status, ELLs, difference in modal 

age, and the number of days absent. Thus, 

although not shown, these student-level 

characteristics were included in all of the 

models.  

 

Table 19 shows that three of the six models 

were statistically significant; one model was 

approaching statistical significance. The 

largest overall effect was seen for fourth 

grade. The effect size using Hedges’ g 

formula was .504. Moreover, 273 students 

were included in this sample, and the 

average residual growth score for students 
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was .182. In other words, the group as a 

whole performed .182 standard deviations 

above the mean. In this model, the 

treatment group performed better than 

predicted compared to its counterpart  

(-.316), and this difference was statistically 

significant.  

 

Table 19. Non-Evaluative Unit: Treatment 
Effects for ELA  

School N Mean Sig. ES R2 

KG* 255 .152 
.001 .294 .021 

KG 287 -.135 

1st * 259 -.165 
.000 .325 .026 

1st 277 .155 

2nd * 232 -.013 
.793 - - 

2nd 277 .011 

3rd * 251 -.014 
.754 - - 

3rd 265 .013 

4th * 273 .182 
.000 .504 .058 

4th 157 -.316 

5th * 148 -.119 
.071 .185 .008 

5th 277 .064 
* Indicates a treatment school. 

 

The ELA first grade assessment was 

significant in the wrong direction with a 

small effect size; the fifth grade model was 

also in the wrong direction and approaching 

statistical significance (p-value = .071). 

Overall, out of the four models that were 

significant or approaching significance, two 

were in the right direction with small and 

moderate effect sizes and the other two 

were in the wrong direction with small 

effect sizes. These are substantively 

significant findings; however, because of 

the time it takes to implement a model like 

this, treatment effects were not expected to 

be seen during the non-evaluative unit. 

 

Table 20 shows the mean and number of 

unit VAM scores by grade level and 

treatment group assignment for the 

evaluative unit. A total of 15,054 growth 

scores were calculated across all of the 

assessments (10,783 for the treatment 

group and 4,271 for the control group).  

 

Table 20. Unit VAM Student Growth Scores by 
Grade and Treatment Group 

  Treatment  Control 

Grade 

Unit 
VAM 
Mean N 

Unit 
VAM 
Mean N 

KG -.0518 296 .0505 304 

1 -.0084 293 .0088 280 

2 .0488 595 -.1025 264 

3 .0207 352 -.0327 284 

4 .0089 586 -.0209 249 

5 .0080 406 -.0114 287 

6 .0556 1,320 -.2798 447 

7 .1015 1,056 -.2497 501 

8 .0948 1,122 -.1741 211 

9 .1371 1,718 -.4360 472 

10 .2218 1,503 -.6593 583 

11 .1535 1,143 -.5756 328 

12 .0605 393 -.2809 61 

Total   10,783   4,271 

 

Students needed both a pretest and posttest 

to be included, and students had to be in a 

teacher’s class at least 5 days before the 

pretest was administered and 5 days after 

posttest administration. Thus, if a student 

changed teachers at the beginning or end of 

the unit, the pretest or posttest would still 

count for that teacher since the student was 

in that teacher’s class for nearly the full unit. 

 

Students could have multiple growth scores 

across different courses or assessments. For 
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example, a student in an elementary school 

could take both a math and an ELA 

assessment, whereas a student at a high 

school could take the geometry, volleyball, 

and theater assessments. However, teachers 

typically had only one growth-measured 

course. 

 

Multiple Measure Correlations 

A correlation coefficient (r) measures the 

strength and the direction of a linear 

relationship between two variables. A 

positive correlation means that if x and y 

have a strong positive linear correlation, 

then r will be close to +1. A positive 

relationship between x and y means that as 

x increases, values for y also increase. A 

negative correlation means that if x and y 

have a strong negative linear correlation, 

then r is close to -1. Negative values indicate 

a relationship between x and y such that as 

values for x increase, values for y decrease. 

When r is close to zero, there is either no 

linear correlation or a weak linear 

correlation. 

 

Student-Level Correlations  

The student survey and student residual 

scores were correlated to assess the 

magnitude of the relationship between the 

two data points. To determine the size of 

the coefficients, the standards of Cohen 

(1988) will be used: .1 coefficients are 

classified as small correlations, .30 are 

medium, and .50 are large. Florida 

Department of Education VAM reading 

and math student residuals were 

incorporated into the analysis to include an 

additional metric of student growth.  

  

Table 21 shows the student-level 

correlation coefficients between the 

multiple metrics, including the first-

semester (S1) unit VAM; student survey 

(S1), second-semester (S2) unit VAM; 

student survey (S2), the math state VAM; 

and the reading state VAM. During the first 

semester, the unit VAM was significantly 

correlated with all multiple metrics. The 

magnitude of the correlations ranged from 

approximately .06 to .17. The first-semester 

student survey (S1) was significantly 

correlated with the first-semester unit VAM 

(.135), the second-semester student survey 

(.510), and the math state VAM (.107). The 

evaluative VAM was significantly correlated 

with the first-semester unit VAM (.166), the 

second-semester student survey (.041), the 

math state VAM (.157), and the reading 

state VAM (.112).  
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Table 21. Student-Level Multiple Measure Correlations 

 

Unit 
VAM 
(S1) 

Student 
Survey (S1) 

Unit VAM 
(S2) 

Student 
Survey (S2) 

Math  
State VAM 

Reading 
State VAM 

Unit VAM  
(S1) 

1.00 .135** .166** .056* .133** .061* 

N 3,348 774 3,348 1,241 1,515 1,709 

Student Survey 
(S1)  

.135** 1.00 .036 .510** .107** 0.04 

N 774 1,126 1,126 1,126 891 1,012 

Unit VAM  
(S2) 

.166** .036 1.00 .041* .157** .112** 

N 3,348 1,126 6,959 2,412 2,219 3,480 

Student Survey 
(S2)  

.056* .510** .041* 1.00 .097** .033 

N 1,241 1,126 2,412 2,412 1,450 1,923 

Math  
State VAM  

.133** .107** .157** .097** 1.00 .172** 

N 1,515 891 2,219 1,450 2,219 2,195 

Reading  
State VAM 

.061* .035 .112** .033 .172** 1.00 

N 1,709 1,012 3,480 1,923 2,195 3,480 

S1, non-evaluative unit; S2, evaluative unit; * p-value < .05; ** p-value < .01. 

 

The second-semester student survey was 

significantly correlated with the first unit 

VAM (.056), the first-semester student 

survey (.510), the second-semester unit 

VAM (.041), and the math state VAM 

(.097). The math state VAM was 

significantly correlated with the first-

semester unit VAM (.133); 6,959 students 

had a unit VAM score. All correlations were 

positive and significant except for the 

student survey and reading state VAM. The 

magnitude of the relationship between 

growth scores and survey metrics was small, 

ranging from approximately .07 to .16. 

 

Teacher-Level Correlations 

Several studies have investigated the 

correlations between student surveys, 

observational data, and growth metrics. 

Almost all of these studies report the 

correlations at the teacher level. Although 

this study does not extensively review the 

literature in this area, it is important to 

outline a few of the studies to compare the 

magnitude and range of correlation 

coefficients found. 

 

The MET study reports a statistically 

significant correlations between the Tripod 

student survey and the ELA GAIN (.05) 

and the SAT9 GAIN (.05) (Kane and 

Staiger, 2012). Chaplin and colleagues 

(2014) found teacher-level correlations at 

.15, which were statistically significant 

between the Tripod survey and a value-

added estimate of 619 teachers. Last, a study 
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by Balch (2012) shows statistically 

significant correlations between math value-

added scores and student surveys at .16 

using a study sample of 110 teachers. For 

ELA, they found a small and statistically 

significant correlation coefficient of .18 

using a study sample of 86 teachers. For 

science, there was a small and statistically 

significant correlation coefficient of .21 

using a sample of 72 teachers. For social 

studies courses, there was a moderate and 

significant correlation coefficient at .30 

using a sample of 75 teachers. Overall, these 

studies report correlation coefficients 

between teachers’ student survey scores and 

VAM estimates ranging from .05 to .30 

(small to moderate) depending on the 

course and sample.  

 

Correlations between observation data and 

VAM estimates have also been small to 

moderate. Chaplin and colleagues (2014) 

found a small and significant correlation 

coefficient of .20 between the RISE 

observational instrument and VAM 

estimates using a sample of 358 teachers.  

 

Kane and Staiger (2012) had similar findings 

of their comparison between observation 

data and VAM scores across 2 years of data. 

For math courses, they found small 

correlations between the two metrics that 

ranged from .09 to .18 on four observation 

instruments. For their implied measure of 

VAM (pp. 43–44), correlation coefficients 

were small to moderate, ranging from .12 to 

.34. Correlation coefficients were also small 

for ELA courses. They found that 

correlations between the two metrics 

ranged from .06 to .08 on three observation 

instruments. For their implied measure of 

VAM, correlation coefficients were also 

small and ranged from .09 to .12. Overall, 

the correlation coefficients found between 

observation data, student surveys, and 

VAM estimates are relatively small, with few 

ranging at the moderate level.  

 

Table 22 shows the teacher-level multiple 

measure correlations between all measures 

in this study. Empirical Bayes (EB) 

estimates are included as a separate measure 

to assess the multiple measure correlations. 

EB estimates were calculated for teachers in 

reading and math courses to be able to 

compare these directly to state assessments 

and unit VAM scores. The state VAM 

includes aggregated reading, math, and 

combined scores for year 1 (2013–2014), 

year 2 (2012–2013), and year 3 (2011–2012).  

 

The first-semester (S1) unit VAM had small 

and significant correlations with the 

evaluative unit VAM (.178); the teacher self-

assessments (.222); the math state VAM 

score for years 1, 2, and 3 (.272, .280, and 

.260, respectively); and the year 3 combined 

score (.219).  
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Table 22. Teacher-Level Multiple Measure Correlations 

 

Unit 
VAM 
(S1) 

Unit 
VAM 
(S2) 

Unit 
VAM 
Bayes 
Est. 
(S2) 

Student 
Survey 

(S1) 

Student 
Survey 

(S2) 

Self-
Assess 
Score 
(S1) 

Obs. 
Score 
(S2) 

Year 1 
State 
VAM 
Read 

Year 1 
State 
VAM 
Math 

Year 1 
State 
VAM 

Combo 

Year 2 
State 
VAM 
Read 

Year 2 
State 
VAM 
Math 

Year 2 
State 
VAM 

Combo 

Year 3 
State 
VAM 
Read 

Year 3 
State 
VAM 
Math 

Year 3 
State 
VAM 

Combo 
Unit 
VAM 
(S1) 

1.00 .178** .088 .036 .046 .222* .104 .022 .272* .169 .091 .280* .196 .125 .260* .219* 

N 230 230 90 62 76 114 127 72 61 86 75 64 86 75 67 86 

Unit 
VAM 
(S2) 

.178** 1.00 .794** .057 .091 .098 .135* .060 .253* .147 .144 .253* .205* .157 .224* .231** 

N 230 437 171 62 138 211 249 115 80 136 118 84 136 118 89 136 

Unit 
VAM 
Bayes 

Est. (S2) 

.088 .794** 1.00 .056 .070 -.033 .061 .016 .249* .095 .121 .293** .173* .138 .331** .200* 

N 90 171 171 55 108 80 95 113 79 134 116 83 134 116 87 134 

Student 
Survey 

(S1) 
.036 .057 .056 1.00 .438** .357* .178 .153 .208 .145 .192 .282 .198 .232 .272 .221 

N 62 62 55 62 52 42 43 49 40 54 50 41 54 50 43 54 

Student 
Survey 

(S2) 
.046 .091 .070 .438** 1.00 .16 .244* .209 .199 .206* .221* .257* .231* .250* .288* .269** 

N 76 138 108 52 138 73 79 80 59 94 82 60 94 82 64 94 

Self-
Assess 
Score 
(S1) 

.222* .098 -.033 .357* .157 1.00 .112 -.015 .183 .012 -.053 .081 -.031 -.030 .098 -.007 

N 114 211 80 42 73 211 210 54 34 67 56 35 67 56 38 67 

Obs. 
Score 
(S2) 

.104 .135* .061 .178 .244* .112 1.00 .168 .444** .239* .221 .460** .287* .251* .532** .347** 

N 127 249 95 43 79 210 249 61 40 75 64 41 75 64 45 75 
S1, non-evaluative unit; S2, evaluative unit; * p-value < .05; ** p-value < .01. 
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The second-semester unit VAM (including 

EB estimates) had small to moderate 

correlations with the multiple metrics. The 

unit VAM was significantly correlated with 

the first-semester unit VAM (.178); the 

observation score (.135); the math state 

VAM score for years 1, 2, and 3 (.253, .253, 

and .205, respectively); and the combined 

scores for years 2 and 3 (.205 and .231, 

respectively). The EB estimates had small to 

moderate correlations with the state VAM, 

ranging from .173 to .331.  

 

Small correlations were found between the 

second-semester (S2) student survey, 

observation scores, and state VAM metrics. 

The second-semester student survey was 

significantly correlated with the first-

semester student survey (.438) and the 

observation score (.244), and the student 

survey (S2) had significant and small 

correlations with the state VAM scores 

ranging from .206 to .288. The teacher self-

assessment was significantly correlated with 

the first-semester unit VAM score (.222) 

and the student survey (.357); however, 

those correlations decreased and were no 

longer statistically significant during the 

second semester. 

 

Last, the observation score for teachers was 

significantly correlated with the second-

semester unit VAM measure (.135) and the 

second-semester student survey (.244), and 

it had small to large correlations with state 

VAM estimates, with values ranging from 

.239 to .532. 

 

Overall, the correlations outlined in this 

study had findings similar to those found in 

prior research, especially with regard to 

student survey correlations and VAM 

estimates, of which correlations ranged 

from .206 to .288. However, this study 

showed higher correlations between 

observation scores and VAM estimates 

(values ranging from .239 to .532). What is 

also different from this study compared to 

other multiple metric studies is that 

observers were the administrators in the 

building—outside experts were not scoring 

the teachers. Moreover, teachers could use 

this data to guide their instruction over the 

course of the year.  

 

To demonstrate the power of the formative 

data gathered and shared with teachers, two 

teacher effectiveness profiles will be 

outlined, detailing how they performed on 

the multiple metrics. Then, each teacher’s 

strengths and areas for growth will be 

presented.  

 

Teacher Effectiveness Profiles 

A major component of this project was that 

teachers were to receive formative feedback 

on multiple metrics measuring their 

performance while students were still in the 

classroom. Using this philosophy, teachers 

were able to adjust their instruction based 
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on findings from the metrics, thus having a 

profile of strengths and areas for growth.  

 

Figure 14 shows 30 fourth grade teachers’ 

unit VAM scores that were calculated 

during the non-evaluative unit. A positive 

number refers to a unit VAM score where a 

teacher’s students, on average, performed 

better than predicted on the assessment. A 

negative score indicates that a teacher’s 

students, on average, performed less than 

predicted. We will further examine teachers 

5 and 25. Teacher 5 had a positive VAM 

score of .39, and teacher 25 had a negative 

score of -.39. Both teachers were not the 

highest- or lowest performing in the sample. 

 

 

 
Figure 14. Non-Evaluative Unit: Fourth Grade ELA Teacher Unit VAM Scores 

 

Teacher 5’s multiple measures profile is 

illustrated in Figure 15. Scores were 

standardized using z-scores to be able to 

compare scores across multiple metrics. 

What is interesting about this teacher’s 

profile is that all metrics are trending 

upward, with a unit VAM score of .39, a 

student survey score for all students of .08, 

a teacher self-assessment score of 1.27, and 

a mid-year average evaluative observation 

score of 1.24. 

 
Figure 15. High-Growth Teacher Profile with 
Multiple Metrics 
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Through investigation of student scores in 

this ELA fourth grade class, the teacher is 

able to identify which students performed 

less than predicted and then target those 

students for improvement. Figure 16 

outlines all students who completed the pre- 

and post unit assessment and their growth 

scores. This teacher’s classroom level data 

shows that 19 students completed both the 

pretest and posttest, and 17 of those 19 

students completed the student survey. 

 

 
Figure 16. High-Growth Teacher: Student VAM 
Scores for ELA Fourth Grade Class 

 

Table 23 shows demographic subgroup 

information for the 19 students: 5% had a 

disability, 47% were female, 5% were ELLs, 

26% were Black, and 16% were Hispanic.  

 

Table 23. High-Growth Teacher: Demographic 
Characteristics 

    

Gifted 0% 

SWD 5% 

Female 47% 

ELL 5% 

Black 26% 

Hispanic 16% 

 

In Figure 17, student VAM scores are 

shown for those same students but are 

disaggregated into demographic subgroups. 

With this information, the teacher is able to 

identify students and subgroups of students 

who are in need of assistance. Although 

almost all scores are positive, Hispanic 

students (-.25) scored lower than predicted 

on the assessment compared to Non-

Hispanic students.  

 

 
Figure 17. High-Growth Teacher: Student VAM 
Scores by Subgroup 

 

Figure 18 shows disaggregated student 

survey z-scores for the same teacher’s 

classroom, except for two students who did 

not complete the student survey. Although 

the teacher scored lower on the 

standardized student survey than on the 

unit VAM, it is important to note that the 

gaps between subgroups are relatively 

similar. For example, there are still gaps in 

No SWD/SWD (.00 and .19), and the 

relationship between males and females is in 

the opposite direction of that shown in the 

VAM scores (-.09 and .17). The gap 

between Non-ELL/ELL students (-.02 and 
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.56), Non-Black/Black students (-.14 and 

.06), and Non-Hispanic/Hispanic students 

(.10 and -.65) is still quite large. Although 

the student survey is a different metric than 

the unit VAM score, the demographic 

subgroup data seems to follow a similar 

pattern even with the limited number of 

students included in the sample.  

 

 
Figure 18. High-Growth Teacher: Student 
Survey z-Scores by Subgroup 

 

The multiple metrics identified several 

strengths and areas of growth because of 

the alignment to the MTEM. The identified 

strengths for this teacher included the 

following: 

 Student Survey 

– Understanding Students’ 

Interests & Background (3.6) 

– Managing Response Rates (3.3) 

– Noticing When Students Are 

Not Engaged (3.3) 

 

 

 

 Self-Assessment 

– Providing Clear Learning Goals 

& Scales (3.0) 

– Tracking Student Progress (3.0) 

– Celebrating Success (3.0) 

– Establishing Classroom Routines 

(3.0) 

– Identifying Critical Information 

(3.0) 

– Previewing New Content (3.0) 

– Chunking Content into 

Digestible Bites (3.0) 

– Recording & Representing 

Knowledge (3.0) 

– Reviewing Content (3.0) 

– Examining Similarities & 

Differences (3.0) 

– Practicing Skills, Strategies, & 

Processes (3.0) 

– Noticing When Students Are 

Not Engaged (3.0) 

– Managing Response Rates (3.0) 

 

 Observation  

– Providing Clear Learning Goals 

& Scales (4.0) 

– Establishing Classroom Routines 

(4.0) 

– Reviewing Content (4.0) 

– Practicing Skills, Strategies, & 

Processes (4.0) 

– Noticing When Students Are 

Not Engaged (4.0) 
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Areas for growth for this teacher were as 

follows: 

 Student Survey 

– Tracking Student Progress (2.4) 

– Previewing New Content (2.5) 

– Examining Errors in Reasoning 

(2.7) 

 Self-Assessment 

– Elaborating on New Information 

(2.0) 

– Examining Errors in Reasoning 

(2.0) 

 Observation  

– Examining Errors in Reasoning 

(2.0) 

 

Teacher 25’s multiple measures profile is 

illustrated in Figure 19. Here, z-scores were 

used for standardization to compare scores 

across multiple metrics. All metrics are 

trending downward: unit VAM score (-.39), 

overall student survey score (-.36), teacher 

self-assessment (-1.19), and mid-year 

average evaluative observation score (-.34) 

 

 
Figure 19. Low-Growth Teacher Profile with 
Multiple Metrics 

 

Looking at the student scores for this 

teacher’s ELA fourth grade class, the 

teacher is able to identify which students 

performed less than predicted and then 

target those students for improvement. 

Figure 20 outlines all students in the class 

who completed the pre- and post unit 

assessment and their growth scores. For this 

teacher’s classroom-level data, 17 students 

completed both the pretest and posttest, 

and the same 17 students completed the 

student survey. 

 

 
Figure 20. Low-Growth Teacher: Student  
VAM Scores 

 

Table 24 shows demographic subgroup 

information for the 17 students: 35% had a 

disability, 41% were female, 6% were ELLs, 

88% were Black, and 12% were Hispanic; 

no gifted students were in the class.  
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Table 24. Low-Growth Teacher: Demographic 
Characteristics 

    

Gifted 0% 

SWD 35% 

Female 41% 

ELL 6% 

Black 88% 

Hispanic 12% 

 

Figure 21 shows scores in the teacher’s 

classroom of 17 students. Black students are 

performing greater than predicted (.48), 

whereas all other scores are negative, 

particularly Hispanic students (-.99). Using 

this data, the teacher is able to identify 

subgroups of students performing better or 

less than predicted on the assessment. The 

teacher can then use strategies to target 

those students to later increase student 

growth scores for the evaluative unit.  

 

 
Figure 21. Low-Growth Teacher: Student  
VAM Scores by Subgroup 

 

Figure 22 looks at the student survey  

z-scores using the same demographic 

information. As noted, there are still gaps 

between No SWD/SWD (.47 and -1.07), 

Non-ELL/ELL (.01 and -1.42), Non-

Black/Black (-.15 and .53), and Non-

Hispanic/Hispanic (-.04 and -.32). 

Although the student survey is a different 

metric than the unit VAM score, the 

demographic subgroup data seems to 

follow a similar pattern even with few 

students included in the sample.  

 

 
Figure 22. Low-Growth Teacher: Student 

Survey z-Scores by Subgroup 

Several strengths and areas of growth were 

identified for this teacher, and all of these 

areas are aligned to the MTEM. The 

identified strengths for this teacher included 

the following: 

 Student Survey 

– Celebrating Success (3.3) 

– Understanding Students’ 

Interests & Background (3.6) 

– Practicing Skills, Strategies, & 

Processes (3.3) 

 Self-Assessment 

– Establishing Classroom Routines 

(2.0) 
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– Identifying Critical Information 

(2.0) 

– Previewing New Content (2.0) 

– Noticing When Students Are 

Not Engaged (2.0) 

 Observation  

– Establishing Classroom Routines 

(3.0) 

– Noticing When Students Are 

Not Engaged (3.0) 

 

The areas for growth were as follows: 

 Student Survey 

– Providing Clear Learning Goals 

& Scales (2.5) 

– Processing New Information 

(2.4) 

– Elaborating on New Information 

(2.4) 

 Self-Assessment 

– Providing Clear Learning Goals 

& Scales (2.0) 

– Tracking Student Progress (2.0) 

– Celebrating Success (2.0) 

– Chunking Content into 

Digestible Bites (2.0) 

– Elaborating on New Information 

(2.0) 

– Recording & Representing 

Knowledge (2.0) 

– Reviewing Content (2.0) 

– Examining Similarities & 

Differences (3.0) 

– Examining Errors in Reasoning 

(2.0) 

– Practicing Skills, Strategies, & 

Processes (3.0) 

– Managing Response Rates (3.0) 

 Observation  

– Providing Clear Learning Goals 

& Scales (1.5) 

– Examining Errors in Reasoning 

(2.0) 

– Practicing Skills, Strategies, & 

Processes (2.0) 

 

Overall, teachers were provided with rich 

formative feedback from students in their 

classroom. With this feedback, coupled 

with the training and coaching feedback, 

teachers were able to help increase 

achievement during the evaluative unit. 

Outcome evaluation results are discussed 

next. 

 

 

 

 

 

 

 

 

 

 

 

  



 

©2015 Learning Sciences International       51 

 

 

OUTCOME EVALUATION RESULTS 

Recall that the purpose of the study was to 

implement a system of teacher effectiveness 

that provides feedback to teachers through 

a data-driven professional development 

plan. Teachers and administrators were 

provided with training in the Marzano 

Teacher Evaluation Model (MTEM). 

Trainings were coupled with coaching 

sessions and frequent professional learning 

community meetings so that teachers could 

connect intentional planning and 

instruction to student growth. Another 

purpose of the study was to empirically test 

whether professional development on the 

MTEM and the use of formative data 

helped to increase student growth. Five 

schools in Florida were selected to receive 

the treatment, and they were statistically 

matched to control schools on the 

percentages of free and reduced lunches 

(FRLs) and those absent. This section 

investigates whether students and teachers 

in the treatment schools had significantly 

increased growth scores compared to those 

in the control schools. 

 

Professional development for teachers that 

is geared toward increasing student 

achievement is a common practice in the 

field. However, although calls for 

professional development programming are 

prevalent and costly, very few studies assess 

whether the program had the intended 

effects of increasing student achievement. 

Moreover, very few studies have shown that 
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the programming is effective. This section 

investigates whether the program had the 

intended effect on student growth. 

 

Treatment and Control Findings 

Several different models were investigated 

to assess whether there were significant 

differences among students who were 

taught at schools trained by teachers in the 

MTEM compared to schools whose 

teachers did not receive the training. The 

statistical models presented in this section 

range in sophistication, starting with the 

simplest model to the most complex.  

 

First, independent sample t-test results for 

each assessment that had a control group 

match will be presented. Then, that same 

sample will be used to show the results of 

independent sample t-tests presented by 

treatment school with their control group 

match. Last, two mixed effect models will 

be presented.  

 

Independent t-tests were conducted by  

each assessment that was administered to 

both treatment and control group students. 

Although 74 assessments were administered 

across all schools, only 26 of those were 

administered to control schools and had a 

sufficient control group sample 

(approximately 50 students) to make 

comparisons. The district intentionally 

required control schools to administer a 

smaller number of assessments to not 

interrupt the instructional time with 

additional testing requirements.  

 

Table 25 shows results of assessments from 

the evaluative unit. Note that the outcome 

of this model is the student residual score 

for that assessment. All student residual 

scores in this model accounted for Florida 

Department of Education (FLDOE) 

control variables. 

 

Table 25. Evaluative Unit: Treatment Effects 
by Assessment 

  Treatment Control   

  Mean N Mean N p 

ELA KG -.05 296 .05 304 .21 

ELA 1 -.01 293 .01 280 .84 

ELA 2 .11 236 -.10 264 .02 

ELA 3 .04 256 -.03 284 .07 

ELA 4 .02 278 -.02 249 .65 

ELA 5 .01 242 -.01 287 .78 

ELA 6 .14 203 -.54 54 .00 

ELA 7  .23 204 -.36 128 .00 

Math 6 .07 251 -.11 175 .06 

Math 7 .18 157 -.25 109 .00 

Math 8 .01 186 -.02 93 .82 

Science 6 .32 242 -.36 217 .00 

Science 7 .32 156 -.23 219 .00 

Science 8 .19 206 -.51 77 .00 

English 1 .24 169 -.84 49 .00 

English 2 .12 242 -.29 97 .00 

Geometry .33 263 -.45 192 .00 

Algebra 1 .14 124 -.39 46 .00 

Pre-
calculus .67 61 -.78 53 .00 

Chemistry .26 215 -.60 93 .00 

HOPE .34 62 -.16 133 .00 

Intensive 
Reading .29 343 -.63 159 .00 

JROTC .20 311 -.83 81 .00 

Spanish 1 .16 242 -.31 175 .00 

U.S. 
History .28 231 -.52 122 .00 

World 
History .61 124 -.99 77 .00 
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As shown in Table 25, positive and 

significant growth residuals for students at 

treatment schools was shown in 21 of the 

26 assessments (p < .10). In other words, 

there were significant results for treatments 

students in 81% of the assessments 

administered and had a control group 

match. The five other assessments had no 

significant differences between groups. 

 

Table 26 shows results for the independent 

sample t-tests, which assessed whether there 

was a significant difference between student 

growth scores. This is the same sample 

reported in Table 24; however, student 

growth scores were aggregated to each 

student because a student could have a 

residual growth score in more than one class 

(e.g., Algebra and English). The mean 

standard error for the total treatment and 

control group sample was .02 (not shown). 

The overall effect size is shown in the first 

row of the table. There was a positive and 

significant mean difference (.32; p = 0) 

between all treatment school students 

compared to control group students. In 

other words, treatment school students, on 

average, performed significantly better than 

those in the control group. The effect size 

was small at .35, calculated using Hedges’ g 

formula. 

 

When investigating the results by school 

and their statistically matched control, 

treatment elementary schools (ES) 1 and 2 

had a negative and significant effect 

compared to their counterparts. However, 

although ES 2 had an overall negative mean, 

it was significantly less negative than its 

counterpart (mean difference .13). Thus, 

the control group was significantly more 

negative than the treatment group, which is 

still a positive finding for the study. All 

other schools had positive and significant 

differences between their matched 

comparison schools, as was expected. 

Specifically, the high school (HS) had the 

largest effect, with a .76 mean difference 

and an effect size of 1.01. 

 

Table 26. Evaluative Unit: Treatment Effects 
with Control School Match 

School N Mean 
Mean 
Diff. p 

Effect 
Size R2 

Treat. 3,363 .13 
.32 .00 .35 .03 

Control 2,981 -.18 

ES 1* 517 -.11 
-.31 .00 -.31 .02 

ES 1 580 .20 

ES 2* 444 -.09 
.13 .05 .13 .00 

ES 2 503 -.22 

ES 3* 561 .21 
.27 .00 .30 .02 

ES 3 518 -.06 

MS* 781 .18 .44 .00 .54 .07 
MS 666 -.26 

HS* 1,060 .28 
.76 .00 1.01 .20 

HS 714 -.49 

* Indicates a treatment school. 

 

In summary, the full sample had a positive 

effect; when disaggregated, this held true 

for four of the five treatment schools. It 

should also be noted that these results did 

not change when aggregating students 

across the 74 assessments and then running 

those same models. The one negative 

finding could be due to the short time frame 
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in which the program was implemented. 

The program and data collection process 

was a substantial undertaking for schools 

within the year, and it is not a typical time 

frame to expect schools to be fully 

operational in the MTEM. Allowing more 

time for program implementation and 

reassessing program outcomes could 

possibly change the outcome. Most findings 

outlined thus far support the professional 

development, leadership coaching, and 

formative feedback the teachers received 

through the course of the pilot.  

 

Although these initial results support the 

professional development training and 

coaching, a more sophisticated model is 

necessary to control the nesting of students 

within schools. For this study, the treatment 

was administered at the school level, and 

schools selected to administer the treatment 

were statistically matched to a like school on 

percentages of FRLs and those absent. Data 

should be modeled using a multilevel 

approach because failure to account for the 

non-independence of observations can 

result in standard errors that are biased 

downward, increasing the likelihood of 

making inaccurate conclusions or obtaining 

significant results (Raudenbush and Bryk, 

2002). Multilevel models correct for the 

dependence of error terms by incorporating 

a unique random effect for each of the 

equations nested within upper-level 

hierarchies. Thus, standard errors reported 

using t-tests at the school level could be 

misleading when not accounting for these 

differences. A mixed effect approach will 

provide more accurate estimates of 

treatment effects in unbalanced nested 

designs (Raudenbush and Bryk, 2002, p. 

116). 

 

Two different dependent variables were 

incorporated within two multilevel models. 

The first fixed effects model used 

aggregated residual scores of students as the 

dependent variable (Unit VAM 1). Recall 

that the residual scores incorporated the 

control variables that were consistent with 

those used in the FLDOE value-added 

measure (VAM) models. The FLDOE 

control variables included were prior 

achievement (pretest), gifted status, 

students with disabilities (SWDs), English 

language learners (ELLs), difference in 

modal age, and number of days absent. 

Residuals were then standardized within 

assessments and aggregated to the student. 

Note that the Beta coefficients for the first 

model are not shown because the effects for 

the control variables varied according to 

assessment. Consequently, they were not 

controlled for again using the multilevel 

approach, as they already were accounted 

for in students’ residual scores.  

 

In addition to the student demographic 

characteristics, two second-level variables 

were included in the model: the average 
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number of days absent and the average 

number of students who had FRL status. 

Both of these factors can contribute to 

student performance at the school level. 

Recall in the Treatment and Control School 

Match section that the largest differences 

between treatment and control schools 

were seen for ES 1 and the middle and high 

schools on percentage of FRLs. These were 

significant differences at all schools except 

ES 1.  

 

The second fixed effects model also uses 

the aggregated student growth scores 

controlling for the pretest only. The 

residuals were created using the same 

method outlined in the first model; 

however, this model only accounted for 

prior achievement in the predicted 

equation. FLDOE plus additional control 

variables were then incorporated in the 

fixed effects model to control for possible 

differences in student-level characteristics 

across assessments. Four additional 

student-level variables were added to the 

model (race, ethnicity, gender, and FRL). 

Level 1 variables were incorporated into the 

multilevel model using grand mean 

centering, which was used because the 

substantive focus is on estimating the 

difference in student growth at the school 

level (Enders and Tofighi, 2007). School-

level variables were not centered. These 

variables can be also associated with student 

performance as noted in the Research 

Design section. Although these variables 

were not included in the first model, they 

were included in the second model to assess 

their effects on student performance. Last, 

the same school-level variables were also 

included in the second model.  

 

Table 27 shows descriptive statistics for the 

sample, in which 6,344 student growth 

scores and 10 schools were included in the 

final model. The table shows that the 

average residual scores for Unit VAM 1 and 

2 were -.02 and -.01, respectively.  

 

Table 27. Evaluative Unit: Descriptive Statistics 

Treatment and Control Schools 

Level 1 (N = 6,344) 

Variables Mean SD  Min Max 

Unit VAM 1 -.02 .92 -3.84 4.15 

Unit VAM 2 -.01 .92 -4.02 4.18 

Gifted .03 .17 .00 1.00 

SWD .08 .27 .00 1.00 

Female .50 .50 .00 1.00 

FRL .51 .50 .00 1.00 

Black .36 .48 .00 1.00 

ELL .09 .28 .00 1.00 

Age .98 6.43 -18.00 36.00 

Hispanic .15 .36 .00 1.00 

Absent 8.32 8.61 .00 84.00 

Unit Days 66.97 19.31 37.00 91.00 

Level 2 (N = 10) 

FRL .53 .12 .36 .69 

Absent 8.29 1.43 4.89 9.74 

Treatment .50 .53 .00 1.00 

 

Here, 3% of the sample were gifted, 8% of 

students had any disability, 50% were 

female, 51% had FRL status, 36% were 

Black, 9% were ELL students, the average 

difference from the modal age in grade-

levels was .98 days, Hispanics accounted for 

15% of the sample, and students were 
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absent an average of 8 days. Level 2 

variables show that, on average, 53% of 

students at each school were on FRL and 

students were absent about 8 days at each 

school. Last, 50% of schools (5 out of 10) 

were treatment schools. 

 

Table 28 shows the final results for the two 

models. The B represents the standardized 

Beta coefficient, and the SE represents the 

standard error. For the first fixed effects 

model, FRL and Absent were negative and 

not significant. The most substantive 

finding in the first model is that the 

treatment variable coefficient is positive and 

significant (.368). This means that students 

who attended treatment schools had 

significantly increased growth scores on 

average, approximately .37 standard 

deviations above the mean, compared to 

students at control schools. 

 

The second fixed effects model shows 

findings similar to the first model. All level 

1 variables incorporated into the model 

were significant except Age and Hispanic (p 

< .05). Level 2 variables were not significant 

except for the treatment variable. This 

finding was similar to the first except the 

effect is somewhat larger. Students at 

treatment schools, on average, performed 

about .39 standard deviations above the 

mean compared to students at control 

schools. 

 

 

 

Table 28. Treatment Effects Using Two Multilevel Models 

  

Fixed Effects  
Model with  
Unit VAM 1 

Fixed Effects 
Model with  
Unit VAM 2  

Variable Name B SE p B SE p 
Level 1 (N = 6,344) 

Unit Days – – – .002 .001 .024 

Gifted – – – .270 .073 .000 

SWD – – – -.296 .037 .000 

Female – – – .049 .018 .009 

FRL N/A N/A N/A -.072 .020 .001 

ELL – – – -.262 .043 .000 

Black N/A N/A N/A -.194 .022 .000 

Age – – – -.001 .002 .398 

Hispanic N/A N/A N/A -.013 .030 .665 

Absent – – – -.007 .001 .000 

Level 2 (N = 10)             

Intercept2 .560 .309 .120 .461 .423 .319 

FRL -.113 .600 .856 -.390 .791 .632 

Absent -.089 .057 .176 -.059 .066 .405 

Treatment .368 .100 .014 .386 .142 .036 
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Overall, these findings validate those 

presented using independent sample t-tests. 

Students at treatment schools had increased 

growth compared to students at control 

schools. 

 

Teacher Satisfaction Survey Results 

To gauge whether teachers were satisfied 

with the system of teacher effectiveness, a 

teacher satisfaction survey was administered 

in the treatment schools toward the end of 

the project. The survey opened May 9,, 

2014, and closed on May 27, 2014. The 

satisfaction survey was developed with all 

parties involved in the pilot, including the 

district, Pinellas County Teachers 

Association, and Learning Sciences 

International (LSI). The overall response 

rate by school was 73%. That equates to 218 

completions out of a total of 300 

instructional staff who were asked to 

participate. 

  

Table 29 shows the response rate by school. 

Elementary school (ES) 3 had the highest 

response rate at 91%, and the high school 

(HS) had the lowest response rate at 59%. 

Overall, these response rates were very high 

considering the short duration in which the 

survey was administered. 

 

 

 

 

 

Table 29. Satisfaction Survey: Response Rate  
by School 

School Response Rate 

ES 1 62% 

ES 2 65% 

ES 3 91% 

MS 64% 

HS 59% 

Overall 
Response Rate 73% 

 

Table 30 shows the activities in which 

teachers participated over the course of the 

pilot. As noted, 93% of teachers stated that 

they participated in the evaluative unit, 

whereas 87% said that they participated in 

the non-evaluative unit. As well, 40% of the 

sample stated that they attended the student 

growth presentation conducted to explain 

how the growth formula was calculated.  

 

Table 30. Satisfaction Survey: Participation in 
Pilot Activities 

Column 
Yes 
(%) 

No 
(%) N 

Participated in the spring 
measurement unit, including 
administering a pretest and 
posttest assessment 

93 8 212 

Participated in the fall 
measurement unit including 
administering pretest and 
posttest assessments 

87 13 212 

Attended the professional 
development day workshops 
held by the district 

84 16 214 

Voted to participate in the pilot 75 26 212 

Participated in the district 
creation of unit assessment 
items 

51 49 208 

Attended the student growth 
measures presentation 
conducted by LSI 

40 60 203 

 

Table 31 shows the percentage of 

participants who felt that the training they 

received over the summer from LSI 
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improved their pedagogy. Of those who 

attended the training, 64% of participants 

strongly agreed or agreed that the training 

increased the use of instructional strategies 

in the classroom; 62% of teachers said that 

they strongly agreed or agreed that the 

training helped to increase their knowledge 

of the instructional practices; 56% of 

participants strongly agreed or agreed that 

the training increased their skills as a 

teacher, and a little more than half (51%) of 

teachers strongly agreed or agreed that the 

training helped to improve the quality of 

instruction provided to students.  

 

Table 31. Satisfaction Survey: LSI Summer 
Training Improved Pedagogy 

  
SD 

or D 
(%) 

SA 
or A 
(%) 

Not 
Sure 
(%) N 

The training that I 
received last summer 
increased my use of 
instructional strategies 
in the classroom. 

30 64 6 163 

The training that I 
received last summer 
helped to increase  
my knowledge of 
instructional practices. 

31 62 7 163 

The training that I 
received last summer 
increased my skill as a 
teacher. 

37 56 7 163 

The training that I 
received last summer 
strengthened the 
quality of instruction 
that I provide to 
students. 

38 51 11 162 

SD, Strongly Disagree; D, Disagree; SA, Strongly Agree;  
A, Agree. 

 

About 81% of participants who completed 

the survey stated that they received 

additional support and coaching from LSI 

during the year. Table 32 shows that 67% of 

those participants strongly agreed or agreed 

that the support and coaching received 

increased their knowledge of instructional 

practices; 65% strongly agreed or agreed 

that the coaching and support received 

helped to increase their use of instructional 

strategies in the classroom; 59% strongly 

agreed or agreed that the support and 

coaching received increased their skills as a 

teacher; and 58% of participants strongly 

agreed or agreed that the support and 

coaching helped to improve the quality of 

instruction provided to students. 

 

Table 32. Satisfaction Survey: LSI Support and 
Coaching  

  
SD 

or D 
(%) 

SA 
or A 
(%) 

Not 
Sure 
(%) N 

The support and 
coaching that I 
received helped  
to increase my 
knowledge of 
instructional 
practices. 

28 67 5 170 

The support and 
coaching that I 
received increased 
my use of 
instructional 
strategies in the 
classroom. 

28 65 7 169 

The support and 
coaching that I 
received increased 
my skill as a teacher. 

33 59 8 170 

The support and 
coaching that  
I received 
strengthened the 
quality of instruction 
that I provide to 
students. 

33 58 9 170 

SD, Strongly Disagree; D, Disagree; SA, Strongly Agree; 
A, Agree. 
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Table 33 shows whether teachers felt that 

that there was collaboration with other 

teachers throughout the project. Here, 84% 

of participants felt that teachers worked 

together to accomplish the goals of the 

pilot. Moreover, 77% felt that teachers 

worked collaboratively on designing and 

implementing the units of instruction.  

 

Table 33. Satisfaction Survey: Teacher 
Collaboration 

  
SD or 

D 
(%) 

SA 
or A 
(%) 

Not 
Sure 
(%) N 

Teachers at my 
school worked 
together to 
accomplish the 
goals of the pilot. 

9 84 7 212 

Teachers at my 
school worked 
collaboratively to 
implement the units 
of instruction. 

13 77 9 212 

Teachers at my 
school worked 
collaboratively to 
design rigorous, 
standards-based 
units. 

12 77 11 212 

SD, Strongly Disagree; D, Disagree; SA, Strongly Agree;  
A, Agree. 

 

Table 34 shows teachers’ perceptions 

regarding whether the data received was 

helpful in guiding their practice. Here, 81% 

of teachers felt that the observation data 

was helpful or very helpful, followed by 

teacher self-assessment (77% helpful or 

very helpful), student growth data (71% 

helpful or very helpful), and student survey 

data (67% helpful or very helpful). If a 

teacher did not receive any of the data, he 

or she was able to skip the question.  

 

Table 34. Satisfaction Survey: Data Helpful in 
Guiding Instructional Practice 

  
Not 

Helpful 
(%) 

Helpful 
(%) 

Very 
Helpful 

(%) N 
Observation 
Data 

19 26 55 201 

Student 
Growth 
Data 

28 22 49 192 

Teacher 
Self-
Assessment 

23 32 45 197 

Student 
Survey Data 

34 32 35 152 

 

Table 35 shows teachers’ perceptions of the 

helpfulness level of support and assistance 

received. Here, 90% of participants felt that 

the teachers were helpful or very helpful in 

the support and assistance they received, 

followed by school leaders (78% helpful or 

very helpful), LSI (68% helpful or very 

helpful), and the district (42% helpful or 

very helpful). 

 

Table 35. Satisfaction Survey: Support and 
Assistance Received Helpful 

  
Not 

Helpful 
(%) 

Helpful 
(%) 

Very 
Helpful 

(%) N 
Teachers 10 22 68 202 

School 
Leaders 

22 20 58 205 

LSI 32 29 39 194 

District 58 22 20 195 

 

The last set of questions assessed teachers’ 

perceptions regarding fairness of the new 

teacher evaluation system. It must be noted 

that this survey was taken prior to teachers 

receiving their final evaluation score. 

However, it was still an essential question to 

investigate. Participants were asked, “Is the 
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Teacher Evaluation Pilot a more equitable 

way of implementing teacher evaluations 

than the State system?” 

 

Figure 23 shows that 43% of participants 

strongly agreed or agreed that the pilot was 

more equitable than the State system. 

Additionally, 35% were not sure, most likely 

because they had not seen their final 

evaluation score. Last, 22% strongly 

disagreed or disagreed with the statement. 

Overall, these are positive perceptions of 

the pilot even though teachers had not 

received their final evaluation score. 

 

 
Figure 23. Teacher Satisfaction: Pilot More 
Equitable for Teacher Evaluations 

 

An open-ended question followed so that 

teachers could explain their selection. Some 

participants stated the following: 

 

I like that I am evaluated on the exact 
growth of my students. The model makes 
me accountable for my lessons and 
ensuring the growth of my students. 

 

I think it is more equitable to use the 
growth of the students you have actually 
taught, but overall I don’t believe the 
increase in testing is good for students or 
teachers. 

 

I think the teacher observation portion of 
this evaluation process is very solid. 
 
The Marzano model seems to be basic 
good teaching, but learning all the new 
vocabulary can be stressful on top of 
implementing. Our administrators are 
incredibly supportive. 

 

It appears to be a lot of work up front. 
Once the process is in place, it will 
become easier. 

 

It is simplified, more relevant, and 
feedback is immediate. 
 
Neither system is perfect, but I think 
there is more potential for this one to be 
implemented fairly. 

 

Our data is finally based on our own 
students. 

 

Two other open-ended questions were 

asked of teachers during the survey. The 

first question asked was, “What was 

successful about the Teacher Evaluation 

Pilot?” Participants shared the following: 

 

I have a clearer understanding of 
benchmarks and framing them into 
achievable scales. 

 

Creating scales as a team, consistency 
among teachers in the curriculum. 

Strongly 
Disagree

10%

Disagree
12%

Agree
32%

Strongly 
Agree
11%

Not Sure
35%
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Students became more successful at 
understanding what was expected of 
them and where their progress fell on the 
unit’s scale. 

 

I know the Common Core standards 
better, and I am (and my students are) 
more fluent using scales, student self-
assessment, formative assessment, and 
monitoring for 100% of student 
understanding of target goal. 
  
I was encouraged by the pilot to see that 
some of what I have stumbled upon 
through the day-to-day act of teaching is 
actually supported by research and 
deemed effective beyond my own 
classroom. 
 
The success was found in the data. I was 
able to see clearly which students of mine 
needed more assistance. My students 
were able to track their own progress, 
and I was able to self-assess based on 
their performance. 

 

Having feedback from my 
administrators was the best I’ve 
experienced. It was remarkable that they 
could do so many observations on each 
teacher and still meet the unbelievable 
demands of a school like ours. 

 

I believe I became a better teacher as a 
result of it. It made me stop several times 
and become more analytical about the 
way I prepared my lesson plans. 

 

I think students were successful at 
identifying what they were responsible for 
learning and then using this information 
to track their own progress. 

 

I feel that measuring students’ 
performance based upon classroom tests 
is a much more accurate representation of 
their abilities. The pressure placed on 
standardized tests is a lot. 
 
If teachers are evaluated based on pre- 
and posttest results, and teachers have 
input into the writing of the questions, 
student growth can be a valid measure of 
success on those particular standards. 

 

It seems to be a little more transparent 
and realistic than the State system. Our 
administrators really tried to make it 
meaningful when sharing their 
observations. 

 

The collaboration of the teachers was very 
successful and brought many teachers out 
of their comfort zone in a good way. 

 

The organization and consistency of us 
all teaching the same thing. The methodic 
way the unit was designed and written. 

 

Even though I thought some of it was a 
pain in the neck, it definitely helped me 
pinpoint areas where I could grow as a 
teacher. 

 

I hope we can continue this pilot next 
year without too many major changes. 

 

The next question asked was, “How can the 

Teacher Evaluation Pilot be improved?” 

Participants responded as such: 

 

Ensure all teachers “buy in” to the 
process by taking the training and 
implementing the skills. 
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The most important improvement must 
be the quality of assessments.  

 

The pilot could be improved if we used 
data from the entire year. 

 

Teachers need practice time and time to 
digest. Many of the ideas a teacher will 
think of during the training process will 
go through the typical metamorphosis. 
 
Small training sessions partway into the 
year. The training sessions at the 
beginning of the year were very intense. It 
would have been helpful if we had 
another session after a few weeks or 
months to allow us the opportunity to 
ask questions and learn more about the 
design questions. 

 

Properly schedule the training so that 
time is not wasted trying to get people to 
buy in to the idea. 

 

A teachers’ success is still directly tied to 
the luck of the draw by the students 
administration assigns to our class. 
 
Having a district-wide rubric for grading 
the posttest essay question. 

 

Teachers need a better attitude toward 
the pilot. There needs to be more support.  
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STUDY LIMITATIONS 

Pinellas County Schools (PCS) are 

recognized for their efforts to reform 

teacher evaluation and create a system that 

is more fair and equitable. Such an approach 

to teacher evaluation, which emphasizes 

professional development and teacher 

autonomy, entails a large shift in perspective 

and culture. As pioneers in this area, PCS 

faced both political and systematic 

challenges that required strong leadership 

and a willingness to embrace second-order 

change. In addition, the heavy lift associated 

with creating common assessments, 

administering them across control schools, 

collecting and validating data, and providing 

support needed for the pilot was critical to 

the positive outcomes of the project. 

Without such strong leadership from PCS, 

the success of the project would have been 

jeopardized. 

 

These major accomplishments should not 

go unnoticed. Nevertheless, some lessons 

were learned with regard to the challenges 

of this pilot. One of the largest difficulties 

involved gathering support and momentum 

for the project. Even though schools 

required that a majority of teachers vote to 

participate in the pilot, having support for 

an idea versus the practical implications of 

implementing it are very different. An initial 

challenge was scheduling time for trainings; 

only a small number of teachers were able 

to attend all scheduled training days. 

Whereas most teachers attended the days 

covering the Marzano Teacher Evaluation 
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Model, fewer teachers participated in the 

unit planning days. Although additional 

coaching days were added to remedy this, 

the depth of material covered in training 

days was difficult to digest for some 

teachers. Implementing the units, creating 

standards-based scales for the units, and 

creating the unit assessments were the 

heaviest lift for the project. Teachers who 

missed some of the training sessions 

expressed skepticism about data collected 

during the pilot and wondered how it would 

weigh in their evaluations. During the 

evaluative unit, better communication 

ultimately resolved these issues. Better and 

earlier communication about the goals and 

expected outcomes of the pilot, as well as 

increased time for planning, would clear the 

path for effective implementation.  

 

Another limitation was the quality of unit 

assessments. Most of the assessments were 

developed specifically to be used for teacher 

evaluation. Although trainings for item and 

assessment writing were utilized at the 

district level, creating perfect assessments 

from the outset is not entirely feasible. 

Assessments may go through many 

iterations before being deemed valid and 

reliable. Despite these challenges, the 

reliability scores for the assessments were 

high for most assessments (greater than .6). 

 

Additionally, several issues were noted in 

the data collection process, specifically 

regarding the administration and collection 

of data across schools. First-semester data 

helped in establishing processes and 

procedures to overcome data validation 

issues for the second semester. Few control 

schools, during the first unit, administered 

the pilot assessments, so there was a large 

amount of missing data for the first unit. 

Administration of assessments improved 

during the second unit; however, the sample 

of students was ultimately determined 

according to which assessments were 

administered at control schools—a factor 

that could create sample bias particularly at 

control group schools. Missing data may 

lead to biased estimates. 

 

Study limitations were present in the 

research design. The control schools 

selected were not truly randomized; instead, 

a quasi-experimental design was used. 

Nevertheless, the statistical procedure 

randomly selected schools that had like 

characteristics on percentages of absences 

and free and reduced lunches. Ultimately, 

although these two variables were 

controlled for in the outcome evaluation, 

other characteristics could confound the 

results, including any outside influence at 

the school affecting treatment and student 

performance. Moreover, other additional 

control variables not accounted for in this 

study could hinder the results.  
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Additionally, the study sample limited the 

generalizability of research findings. The 

analysis was limited to 10 schools, in which 

the treatment and control groups were 

administered assessments. Characteristics 

of these students may not be representative 

of the population of students in Pinellas 

County. Moreover, the findings also may 

not be generalizable to other districts in 

Florida or other states. Expanding the pilot 

analyses to other districts in Florida or in 

other states would strengthen the 

generalizability of the findings.  

 

Last, the research findings were limited to a 

unit-level analysis. Annual growth was not 

assessed during this time period, as value-

added calculations were specific to the unit 

under study. The findings are only based on 

one unit of growth for treatment and 

control schools. Thus, the study findings 

may not generalize to the teachers’ long-

term value-added estimates from different 

assessments.  
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CONCLUSION AND EXPANSION 

The Pinellas County Schools (PCS) and 

Learning Sciences International (LSI) pilot 

yielded several important findings that may 

help to refine thinking around teacher 

evaluation systems and make them more 

fair and equitable. The process evaluation 

results were as follows: 

 Teacher Self-Assessment 

– On average, teachers scored 

themselves at the Developing level, 

which appears to be accurate 

considering that this was the first 

implementation year for the 

Marzano Teacher Evaluation 

Method (MTEM) in this area. 

 Observations 

– From September 18, 2013, through 

June 25, 2014, a total of 1,415 

observations were conducted with 

291 teachers in pilot schools. 

– Most teachers had five observations 

throughout the pilot, which provided 

the intended amount of feedback 

sought for teachers. 

– The percentage of Innovating scores 

increased over time, whereas the 

percentage of Developing scores 

decreased, which indicated an 

improvement in teacher pedagogy. 

 Student Perception Survey  

– Toward the end of the year, 

Celebrating Success was the highest-

scored element (3.35) and Tracking 

Student Progress was the lowest-

scored element (2.54). 
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– Students at treatment schools scored 

teachers significantly higher on the 

performance of 14 research-based 

strategies during the second semester 

as compared to the first, indicating 

improvement in teacher pedagogy. 

 Multiple Metric Correlations 

– At the student level, small 

correlations were found between the 

unit value-added measure (VAM), 

student surveys, and state VAM. The 

magnitude of significant correlations 

ranged from .07 to .17. 

– At the teacher level, small to 

moderate correlations were found 

between the evaluative unit VAM, 

observation scores, student surveys, 

and state VAM metrics. The 

magnitude of significant correlations 

ranged from .135 to .331. 

– At the teacher level, small 

correlations were found between the 

second-semester student survey, 

observation scores, and state VAM 

metrics. The magnitude of 

significant correlations ranged from 

.206 to .288. 

– At the teacher level, small to large 

correlations were found between the 

observation scores and state VAM 

scores. The magnitude of significant 

correlations ranged from .239 to 

.532. 

To measure program effects, an outcome 

evaluation was conducted to assess 

whether the program had increased 

student achievement by the end of the 

school year. Five treatment schools and 

five statistically matched control schools 

were included in the study sample. Only 

the treatment schools received the 

training, coaching, and diagnostic 

measures of effectiveness, whereas both 

groups administered unit assessments 

and student surveys. The outcome 

evaluation used several different 

methods to assess program outcomes, 

including independent sample t-tests, 

ordinary least squares regression, and 

hierarchical linear modeling. Major 

findings included the following:  

 Out of the 26 assessments that had 

a control group match, 21 showed 

positive and significant growth for 

students at treatment schools (p < 

.10). Consequently, favorable and 

significant results were shown for 

treatment students in 81% of 

administered assessments. 

 Independent sample t-tests showed 

that students who attended 

treatment schools had significantly 

increased growth scores (.32 

standard deviations above 

prediction) compared to students at 

control schools, accounting for 

student characteristics. The overall 

effect size for this finding was small 

(.35), calculated using Hedges’ g 

formula. 
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 Fixed effects models showed similar 

results: students who attended 

treatment schools had significantly 

increased growth scores (.37 to .39 

standard deviations above 

prediction) compared to students at 

control schools, accounting for 

both individual and school 

characteristics.  

 

In addition to the process and outcome 

evaluations, a teacher satisfaction survey 

was conducted at the treatment schools 

toward the end of the project. The 

following provides an overview of findings 

from the survey results:  

 Approximately 65% of teachers 

strongly agreed or agreed that coaching 

and support helped to increase their 

use of instructional strategies in the 

classroom. 

 Approximately 81% of teachers felt 

that observation data was helpful or 

very helpful, followed by teacher self-

assessment data (77% helpful or very 

helpful), student growth data (71% 

helpful or very helpful), and student 

survey data (67% helpful or very 

helpful). 

 Approximately 43% of participants 

strongly agreed or agreed that the pilot 

was more equitable than the State 

system, whereas 35% were not sure 

(most likely because they had not 

received their final evaluation score at 

the time of the survey) and 22% 

strongly disagreed or disagreed with 

the statement. 

 

Results from the first year of the pilot were 

very encouraging. The district decided to 

expand the pilot to include 21 schools for 

the 2014–2015 school year. As in the initial 

pilot, teachers will be given a foundation-

level knowledge of the MTEM. New 

teachers will learn how to create unit 

learning goals with accompanying scales 

that represent learning progressions aligned 

to a cognitive taxonomy. When followed 

and measured, the cognitive taxonomy 

levels ensure that students are climbing the 

staircase of cognitive complexity found 

within the new Florida standards.  

 

The goal of expanded implementation is to 

take the training, learning, and aligned units 

of instruction into the classroom for 

continuous improvement and actionable 

reflection. LSI will continue to provide 

onsite support for teacher leaders in their 

work to support teachers as they continue 

to build new lessons, deliberately plan for 

aligned instruction, review their student 

assessment results, and reflect on student 

data and observer feedback. Teacher leaders 

will guide the professional learning 

community process while increasing their 

pedagogical skills through completion of 

higher‐level training on the model. Last, 

teacher leaders will participate in weekly 
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common planning sessions and be 

supported periodically by an LSI staff 

developer.  

 

The expansion will also include a more in- 

depth look at how teachers can incorporate 

their data into their instructional practice. 

The project will continue to take a deeper 

look at helping teachers use formative data 

to increase student achievement. A research 

component will be included as well, 

investigating the correlations between the 

unit VAM and the state VAM, student 

surveys, observation data, and teacher self-

assessment.  

 

Overall, the partnership between LSI and 

PCS helped to develop a teacher 

effectiveness system that is diagnostic in 

nature and used to help develop and grow 

teachers professionally. The outcome of the 

pilot showed increased student achievement 

resulting from formative feedback given to 

teachers in addition to supplemental 

training and coaching on the MTEM. PCS 

underwent a massive structural change in 

the way in which the district evaluates 

teachers and has begun to shift the culture 

around teacher evaluation to a more 

formative and fair teacher effectiveness 

system. 
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APPENDIX A: MARZANO DISTRICT LEADER EVALUATION MODEL  

 

 



 

©2015 Learning Sciences International       75 

 

 



 

©2015 Learning Sciences International       76 

 

APPENDIX B: MARZANO SCHOOL LEADER EVALUATION MODEL  
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APPENDIX C: MARZANO TEACHER EVALUATION MODEL 
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APPENDIX D: MARZANO NON-CLASSROOM INSTRUCTIONAL SUPPORT MODEL 
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APPENDIX F: EVALUATIVE UNIT ASSESSMENT RELIABILITY SCORES 
Assessment Name Person Reliability Item Reliability Cronbach’s Alpha 

2D/3D Art .76 .93 .93 

Algebra 1 .50 .94 .67 

Algebra 2 .50 .94 .67 

AVID .67 .96 .75 

Band .63 .95 .62 

Biology 1 .77 .98 .80 

Business Entrepreneur .61 .96 .67 

Business Software .84 .95 .91 

Care and Prevention of Athletic Injuries .81 .86 .89 

Chemistry .78 .97 .83 

Chorus .61 .94 .58 

College Ready Math .56 .90 .60 

Communication Technology .83 .92 .91 

Culinary  .83 .91 .93 

Digital Arts .81 .94 .88 

Drama .79 .87 .93 

Drivers Education .82 .97 .87 

ELA KG .52 .99 .78 

ELA Grade 1 .68 .99 .72 

ELA Grade 2 .64 .98 .68 

ELA Grade 3 .70 .99 .78 

ELA Grade 4 .68 .99 .76 

ELA Grade 5 .50 .99 .59 

ELA Grade 6 .69 .98 .71 

ELA Grade 7 .75 .97 .79 

ELA Grade 8 .64 .98 .66 

Art Grade 2 .45 .97 .48 

Engineering Design .47 .79 .51 

English 1 .77 .97 .80 

English 2 .65 1.00 .61 

English 3/4 .81 .99 .84 

Environmental Science .76 .86 .80 

French 1 .78 .96 .87 

Geometry .65 .99 .65 

Health Grades 6 & 8 .79 .99 .88 

HOPE .78 .99 .79 

Information Technology .64 .98 .63 
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Assessment Name Person Reliability Item Reliability Cronbach’s Alpha 

Intensive Reading .76 .99 .79 

JROTC .77 .97 .87 

Learning Strategies .61 .88 .66 

Marine Science .78 .98 .79 

Materials & Processes .87 .94 .93 

Math Grade 3 .61 .92 .68 

Math Grade 4 .71 .94 .78 

Math Grade 5 .71 .96 .79 

Math Grade 6  .66 .97 .71 

Math Grade 7 .34 .95 .35 

Math Grade 8 .48 .93 .60 

Medical Infectious Disease .78 .99 .78 

Music Grade 2  .60 .96 .62 

New Digital Media .83 .67 .95 

Physical Education Grade 4 .48 .97 .58 

Physical Education Grade 6 .51 .96 .56 

Physical Education Grade 7 .48 .97 .58 

Pre-calculus .79 .97 .83 

Psychology .83 .63 .87 

Reading Grade 6 .61 .99 .61 

Reading Grade 7 .65 .94 .74 

Reading Grade 8 .59 .96 .60 

Science Grade 6 .75 .97 .78 

Science Grade 7 .67 .93 .70 

Science Grade 8 .77 .98 .80 

Social Personal Skills .83 .42 .93 

Social Studies Grade 6 .56 .94 .55 

Social Studies Grade 7 .60 .96 .62 

Social Studies Grade 8 .72 .98 .76 

Spanish 1 .80 .99 .90 

Spanish 3 .84 .97 .91 

Special Diploma ELA .78 .84 .77 

Theater .82 .94 .86 

U.S. History .81 .96 .86 

Volleyball .76 .88 .78 

World Cultural Geography .80 .93 .89 

World History .81 .89 .93 

Average .59 .94 .76 
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APPENDIX E: SAMPLE ASSESSMENTS 
 

World History 
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Grade Eight Science 
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Grade Two Art 
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